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Abstract

There are hundreds of papers on gender wage gdmhbuthe size of employer can alter the
compensation structure of male and female wagesoisstudied in detail in size-wage

literature. Heckman two step estimation proceduned standards Oaxaca (1973) Blinder
(1973) wage decomposition method is used to deceenfite gender wage difference across
employer size in order to compare the patterns esfdgr wage gap in different sizes of
employer. Higher rewards for females in observablaracteristics in all size categories and
higher rewards on unobservable characteristicarfale workers in all size categories are
found. Wage difference increases as size incred$emen are associated with low paying
workplaces. Big size employers prefer male worlegrd pay them higher wage regardless of

observable characteristics.

Key Words:
Gender wage differentials, Oaxaca-Blinder decomposiselection, establishment size

JEL Classifications:

J16, J24, J31, J71, C24, C50

* PhD Student at University of Paris-1 (Centre ddBomie de la Sorbonne) and Paris School of Ecorgmic
Address: Maison des Sciences Economiques, 106-Bdulevard de [I'Hopital 75013 Paris
Syeda.Batool@malix.univ-paris1.fPh : +33- 1 44 07 80 00




Table of Contents

N [ o1 o o [¥ ot i {o ] VTPV PRTOPRPPI 3
2. Dat@a and Variables .......co oo e be e e re e e 5
IS TR |V =1 d o To o [o] (o = 0SSR 7
4. Ordered Probit and Marginal @ffEeCts .......cccuiiiiiciiie e e 10
5. Wage equations estimation ..., 21
6. Decomposition of Gender Wage Differential across Size .......ccccceeeeeeciivieiie i, 29
2 ©o ] [ol [ V1Yo o [P OOV P T TOVSPUPRURIO 34
8. REIEIBNCES ....eieeeeee ettt ettt e s bt e eae e e s s bt e s be e e st e e sabe e s be e s neeesareeereeea 35
APPENDIX-A: DeSCriptive STatistiCS. .uuuiiiiiiiiiiiiiiiiiiiiiiiiititieeeeeeeeteeeeeeeeeeeeeeeeeeeeeeessrmrmerererereeeeeeesseseeeeeeeeeee 37
APPENDIX-B: Threshold Variations for Siz@.......c.uiiiiiiiieiieiieeeeeesee e 39
APPENDIX-C: Gender Wage Decomposition by Profession across employer Size .......ccccccvveeeiciveeennes 48



1. Introduction

Why do women earn lower wages than men? What aréattiors that determine gender
wage differentials? These questions have been siisdumany times in the literature of
gender wage differential. This resulted in varidhisoretical and empirical explanations of
this wage gap. The traditional approach in anatyzive determinants of the wage gap is to
consider the role of gender differences in humapitakcharacteristics and labor market
discrimination. Key determinants of gender discnation include gender segregation in
organizational hierarchies, undervaluing of womemsk, uneven division of domestic labor
on the ability of women and men to devote timeatmok market work, women’s concentration
in jobs where on one hard pay is lower and on therohand career prospects are weaker
(Smith 2010).

The gender pay gap is strongly related to the gagjon of women into low-wage
structures. Many studies found women segregatitmlow paying occupations as the main
source of gender wage differentials. This is catleel occupational sex segregatiowhile
another aspect of segregation is firm-segregaifitie. inter-firm wage differentials results in
gender wage differentials. Such studies drawingnatched employer-employee data reveal
that female segregation into low-wage workplacesy pd particularly important negative
impact on their relative wagesThe size of the gender pay gap is related toglbeal
characteristics of the wage structure and, in @algr, to the extent of wage dispersion. As
women are usually concentrated in the lower pathefwage structure, the more dispersed
the structure prevailing in a country the greakey penalty for female wages. Accordingly,
empirical evidence shows that gender wage gapgearerally higher in those countries with

comparatively more dispersed wage structires

After the popularity of wage decomposition methadgl by Blinder (1973) and
Oaxaca (1973), many forms of discriminations hawerb evaluated using this wage

decomposition method including gender discrimimatiwage differentials based on ethnicity

! (Velling, Johannes 1995), (Groshen 1991), (Doleidal. 2004), (Bayard et al. 2003), (Macpherson and
Hirsch,1995) (Simon 2012).

? (Bayard et al., 2003), (Meng, 2004), (Amuedo-Doearand De la Rica, 2006) , (Groshen 1991) , (Qgtain
and Troske 1998), (Reilly and Wirjanto 1999)

* (Blau and Kahn, 1992, 1996, 2003), (Simén and Ryg#7), (Simon, 2012).



or race etc. Inthe presence of non-random seleztmples, OLS estimates are not consistent
(sample selection bias). The most common methogiofog the treatment of the sample
selection bias is the Heckman correcti8ample selection has been shown to be a potential
source of bias in several studies of earnings rdiffeals. Wage decomposition with sample
selectivity bias correction is done by many authofdoreover, quintile regression approach
is largely adopted in recent studies to observedik&ibution patterns at upper and lower
tails. Several papers decompose the gender wage@aps the distribution for different

Countries.

The gender wage gap for France was 18 percent @8 2Buropean Structure of
Earnings Survey). Based on 2011 European commissiojustice report, gender wage
difference in France is 17 percent. The wage difigal between women and men for France
narrows very slowly because of its key determinavitech are kept stable over the years.
Those may include activity profile and job statt8% of this wage discrepancy is accounted
for by differences in job characteristics, the diora of work and working hours. Without
radical measures, further improvement is hardlyeetgd (IRES 2012 draft). French labor law
is not built around discrimination law. French peions on discrimination are directly
influenced by European Commission law. Discrimioatibetween men and women

traditionally constitutes the main issue of disénation law.

There is a vast literature on the employer sizevaage differential. This is also tested
for French labor market. There are various thecaegxplanations justifying the higher pay
structures of large firms but the consensus ispnegent on the reasons of the size wage gap.
There are studies using longitudinal dataset fané&e but using the cross sections of
individual data, the problem of selection bias s studied in detail for French labor market.
In another paper by the author on “Non-random sgrand wage differentials in French
establishments”, the sources and magnitude ofvsage gap is presented and the selection
bias issue associated with non-random sorting akers with cross section data is studied
using FIML and switching regression models. Thapgr is in continuation of the previous

papers where the results are extended. The olgestito study that whether the size wage

* (Neumark 1988), (Oaxaca and Ransom 1988), (OaxadaRamsom 1994) (Oaxaca & Neuman 2003),
(Reimers 1983), (Boymond et.al 1994). (Dolton etlaB9)

> Badel A. & Pena X. (2010 ) for Columbia, Albreettal. (2003) for Sweden, de la Rica et al. (2667 Spain,
Hoyos, Nopo and Pefia (2010) for Colombia, Ganguii @errell (2005) for Ukraine, and Nopo (2006) and
Fernandez, (2006) for Chile. Albrecht et all (20@3F)Netherlands.



differential is actually a gender wage differentiihe other objective of this study is to
decompose the gender wage difference across emgizgein order to compare the patterns
of this difference in different size of employeFar this purpose characteristics of employers
have also been included. The contribution of distration, human capital and selectivity in
different sizes of establishments is examined.. e Hifect of differences in personal
characteristics on gender wage gap is disentangiiddthe effect of selection into different
establishments of women and men.. It is analyzatl thhether it is a low paying occupation
or a low paying workplace that cases gender waggridiination in France. There are three
type of selection. Selection on the decision tolkywaelection for occupation and third is
selection for size categories. In this study tha@a of employed workers is taken only. Here
| will not talk about those two selections and wiflly take into account the selection bias for

employer size categories.

The rest of the paper is as follows; section twespnts data description, this will be followed
by methodology in section three and ordered prabhd marginal effects in section four.
Section five presents wage equation estimates sdedeby wage decomposition results in

section six while section seven concludes.

2. Data and Variables

ECMOSS (Enquéte sur le colt de la main d’oeuvta structure des salaires) Survey for
the year 1992 is used for this study. This is th&donducted by French Ministry of Labor.
This is a very rich database consisting of socionemic characteristics of workers along
with characteristics of establishments. There igther data that provides information on size
of the establishment, principal activity, geograpluication, wage structures, composition of
wages at the same time. Moreover, we can find lddtanformation on the education,
profession, industrial distribution, age, natiotyaliand family situation of workers. This
unique matched employer-employee dataset givesl deiarmation on establishments and
workers even later surveys in the same nature ddnctude the same type of questions.
There were two types of data files one relatednpleyer and other related to employees
characteristics. Both are merged to get maximurmrmétion. The detailed information, on
all the departments of France where the establistsrae located, is only available for this
survey while for other ECMO and ESS surveys coretlidater on, we don't find this

information.



There are two basic definitions of wages availalte gross hourly wage and Basic
hourly wage: The gross hourly wage is composedhadet elements, basic hourly wage,
compensation or incentives packages (complementaldée et indemnities) and overtime
paid hours (heures supplementaires). So the gms$yhwage includes the basic hourly wage
to which complements are added. For our estimatiaeswill use both measures of wages
with preferences for the first. The gross hourlygeds very much relevant to size because as
the size of establishment increases, incentive ggeek and compensations associated with
pay packages increases because large employersngresincentives to retain workers and
reduce quit rates and to invoke work effort becanmmitoring is more difficult in large
establishments. Therefore there is a strong immdéctompensation and pay practices
associated with large establishments on individwalrly wages. Results are presented and
compared for gross and basic hourly wage.

Heckman two step estimation procedure is followadtlis study where in the first
step an ordered probit model is estimated. Depdngamable is size of the establishment.
There are three different levels of size includemgall (1/49 = 1), medium (50/249=2) and
large (250/max=35.The explanatory variables are gender, type of stigiu region where
establishment is based, the interaction of regigh type of industry, educational levels of
population, age and its square (working age imdefias 25-60 years) and type of profession.

The variable of interest that is used as instrurrgemteraction of region with industry.
The interaction between the worker’s industry dreregion where the establishment is based
is used for exclusion restrictions. Luckily, we badetailed information on the regions and
departments. In France, there are around 95 depatsmThis information would tell us the
exact prediction of worker’s choice of establishinéepending on the type of industry. The
intuition behind this interaction is that as bigrfs and establishments are mostly found is
large regions and people living in large regionsuldaomore likely to go in large firms but
their choice will vary on the type of industry whethey want to go. We can also say that
interacting the region with the industry would goeédhe size of establishment. Lluis (2003)
has provided this analysis and used dummy for itygdepending on population. Whereas we
have detailed information on all the department$iance and the administrative regions.
This can provide more detail analysis of the effgicthis interaction on the selection. The
second equation is the wage equation where thendepéevariable is log of hourly wage and
explanatory variables are gender, type of industegion, type of employment contract,

®In the appendices we present results for diffetieratshold values to see the robustness of results.



educational levels of population, Tenure and itsasg and type of profession. Both equations

are presented in the preceding section and methgga presented in detail.

3. Methodology

For this study the gender wage differentials witaigiven size category is considered to
be analyzed. A simple two equation model of wagerd@nation and employer size selection
among employed workers illustrates the applicatibhe Heckman two step estimation
procedures is used for identifying parameters aatdr|standards Oaxaca (1973) wage
decomposition is applied to the regression equation

For the purpose of simplicity three size categorsesall, medium and large are formed.

The establishment size participation function faesategory 1 is given by:

Y =Z;v: + & 1
If:
Y;" < 0 The individual works in small sized establishment
0 <Y{ < pThe individual works in medium sized establishment

Y;" = u The individual works in large sized establishment
And the wage equation is given by:
Wy = Xif1 + vy 2

Wai = Xif, + vy
W3 = Xif3 + v3;

WhereY;; is a latent variable associated with the being egyea in size category 1, Z
contains the set of determining variables of bama@ size categoryy is the associated
parameter vectorWy; is the log hourly wage for small size categorysXaimatrix of wage
determining variableg} is a vector of unknown parameters aggdand v4; are the.i.d error

terms that follow a bivariate normal distributidh(@, o4, 0,1, p1)--

The probability of being employed in size categasy/gjiven by:

pr(&y < —Zjy) =®(—Z;y) S



pr(=Ziyy <&y <pu—72;y) = ®(u—2Zyy) — ®(-Zyy) 6
pr(es; = pu—2;y) = 1—-d(u—2yy) 7

Where® (.) is the cumulative distribution function of tasdard normal distribution. Wages
are observed in size category 1 for those for whdra 0 so that the expected wages of a

worker observed to be in small size establishnmeegiven by:

EWi] = X"1p1 + E[vy| &1; < —Zy]
=X"11+ 0144
Wheref, = o,,, p; andA,; is defined as the ratio of the probability densitgction to

the cumulative distribution function of a distribrt. It is written as:
A = —0(Zy)/[1 — ©(Zy)] 8

The expected wages of a worker observed to be diumesize establishment is given by

E[W,] = X8, + E[vy| — Zy < &5, < u—Zy]
=X, B, + 0,4y
A ={[0(=2y) = O(u—Zy)] /[®(p — Zy) — (—ZYy)]} 9

The expected wages of a worker observed to bege lsize establishment is given by

E[Ws] = X'3B3 + E[vsles; = — Zy]
=X'3B3 + 0543
A3 ={0u—2Zy)/[1 —o(u—-2Zy)]} 10

The estimating equation for those who are workingmall size category is given by

W] = X’]ﬂ] + 0]2,] + errorj 11

The parameters of 11 will be estimated through ek two step estimation
procedures separately by males and females.

The standard Oaxaca (1973) wage decompositiorei$ where it is assumed that the

non-discriminatory wage structure is the male wstgecture and male is the dominant group.



If we assume that the non-discriminatory wage stinecis the male wage structure the

decomposition equation for the small size categbdmstablishments will be the following:

Wim — Wip = [Xv Bim + O1mAam] - Xp Bir + O1pAs5] 12
Inw;y — Inwip = Koy — X_u?)(BTM) + (BTM - BTF)(XTF) + O1mAim — B1rAsr 13
N J
« > -
Endowments Discrimination Selectivity

Inw,y — Inw,; represents the wage gap of male and female wowkenigng in small
size category. Where M and F are for male and femalW is the log of gross hourly wage
measured in francs. First term on the right hade sf equation 18X;y — X1¢)(B1m) Show

the wage differential attributable to EndowmentsisTis also called the explained component

of the wage differentialX is the mean vector of wage determining variabesis the
estimated return to the wage determinants. Theréifice in the mean value of individual
characteristics between male and female workingmiall sized category is weighted by the
estimated coefficients of male group.

The second term on the right hand side of equdfi8) (Bm — B1r) X1r) Show the
wage differential attributable to coefficients. $his also called the unexplained or
discrimination component of the size wage diffei@ntThe difference in the returns to
individual characteristics between male and femateking in small size category is
weighted by the mean characteristics of female grothile the third term® yA iy —
0.rA.r Captures the selection bias effextis the selection term calculated in the above

section.

The results for medium and large size categoryeatamated using equation 13 for

medium and large size category separately.

Now, we will estimate the ordered probit modelvdrole population and for male and
female along with marginal effects and next we wilbve to the wage equation for gender

across size categories.



4. Ordered Probit and Marginal effects

Ordered Probit and Marginal effects (Whole population)

Table-1 reports results of ordered probit and nmaigeffects of each size category.
Firstly, results are presented for the whole papuiaand later in Table-2, results are
presented for male and female. In the first colwhiable-1, the coefficient of male against
base category female is 0.132. This means thagbweale increases the predicted probability
of going to large size of establishment (from z&yoone and one to two) by 0.132. The
coefficient of secondary education is 0.106. Thesans that secondary education compare to
primary education increases the predicted proligbdf going to big size. Whereas the
coefficient of higher education of 0.18 means thafher education compare to primary
education increases the predicted probability aigto big size by 0.18.

Similarly, for professions, with respect to baseéegary of management and high
intellectual professionals, all the other categosbow increase in the predicted probability
for going to big size of establishments.

Among the regions, lle de France is the biggestore@f France. While haute-
normandie, centre, Auvergne, Lorraine, Nord areragtbe other big regions. Rhone-alpes is
also among the biggest region but as shown by INSieEgrowth of this region increased
from 1999 to 2009. Nowadays the first five big g are Tle-de-France Rhéne-Alpes
Provence-Alpes-Cote d'Azur Nord-Pas de Calais Baya Loire.

For interactions, only few interactions are nongigant this shows that interaction of
industry with region affects the predicted probiépibn the choice of the size. This means
that people living in the lle de France will havens chances of belonging to big size and this
choice will depend and will vary on the type of ustty where they work.

It is concluded that more age, better educatiomgomale increases the predicted probability
for belonging to big size

Experience and age both are not included in theeredd probit because more
experience will show more age, so the age effeatready taken into account in experience.
Personal information variables like number of kash&l family situation are not significant in
oprobit equation and they do not change resules #fieir inclusion in the wage equation in
the second step. Variable on Nationality is alsopded because of its highly significant
nature as 97 percent sample is French. Its inclusieexclusion does not change the results in

wage equation.

10



From the second to fourth column in Table-1, thegimal effects for each outcome
for size are presented. Marginal effect calculabeschange in the probability of observing
each category of size for a change in each of npjaeatory variables. For example; the
marginal effect for educational categories showsv Herobability (s=1) changes as the
secondary (or technical or higher) educationalgmate changes from zero to one at the point
of the first educational level. If we take margiredfect for higher education compare to
primary education in large size category then veetkat it leads to increase in the probability
by 0.015 percentage points that size is big, witileads to decrease in the probability by
0.037 percentage points that size is small. Wetlssgemedium and big size establishments
attract better educated people more than smalkfirm

Starting from the blue collar workers among thefggsional categories, we see that
marginal effects for one more blue collar workermpare to management and high
intellectual professional leads to decrease inptfedability by 0.022 percentage points that
size is small or size==1. While marginal effectstftee medium size category shows that one
more blue collar worker compare to management lea@s014 percentage point increase in
the probability that size==2. For other professi@milar positive trend for preference for
big size is attained which shows that big sizerefgored across all professions. Or as the
base category is management and high intellectuaflegsional who may prefer small
establishments due to independent work environment this may cause for other
professional categories to have a positive coefficfor big size.

As the base category is region lle de France wisi¢he largest region of France and
most of the big industries are concentrated in ggon. Therefore, almost all of the regions
compare to the base category for marginal effectarge size show negative values. Or we
can say that most of the regions compare to llErdace leads to decrease in the probability
that size is large. Big size establishments are falsnd in haute normandie, nord, Lorraine,
Auvergne. Among industries, trade and services osecd composed of small size
establishments. While manufacturing sector is cawagdoof large firms. The medium size
establishments are more in manufacturing sectopeoento trade or service.

If we look at the interaction terms, then the basdegory is interaction of
manufacturing sector with the region lle de Fraidet means we will see the change in the
probability of specific industry in particular regi on the outcome (increase or decreases in
the probability of being s=1, or s=2 or s=3) conaptar base category of manufacturing sector

in region lle de France. The objective of usingeiattions is to predict the selection of size.

11



People living in big or small region would chooke available option in their region and their
choice will vary on the type of industry where thegrk.

For establishments in the Champagne-Ardenne regidroperating in the trade sector
would lead to 0.098 increases in the probabiligt ize is small. So the interaction predicts
the size. While establishments in the servicesosen the same region would have more
probability of being in the medium size. So theich®f size varies on the type of industry in
a region.

As large establishments are mostly composed inonedfe de France and in the
manufacturing sector which is evident by the deseia the probability of being in large
establishments compare to base category. Howeverlsoime region services sector
establishments are large. People in these regidihshoose to go to large establishments
while working in the services sector. This includ&ksace, Bretagn, Poitou-Charentes,
Limousin, corse. While for trade we see the regides Provence-Alpes-Cote d’Azur, corse,
Franche-Comite, Nord, have more tendency for |aige. The interaction of these regions
with trade sector predicts the selection for laeg&ablishments. Therefore, we can conclude
that depending on the type of industry the intéoacof industry and region predicts the
selection.

The objective for introducing interaction termsisdent and we can see the change in
probability. People who are living in the regioa e France would more likely to go to large
establishments. There are more chances for pedpteare working in the manufacturing
sector and who are living in lle de France to géatge establishments. However this is not
only limited to manufacturing region. In some ragidarge scale services sector is operating
so for people working in services sector would ligechoose big establishments as they are
working in the services sector while for trade @ae see some concentration of trade sector
in large establishments in few regions. Therefare,conclude that interaction predicts the

choice of size but it varies across industries.

12



Table-1 Ordered Probit and Marginal effectsfor different outcomes (whole population)

Oprobit Small Medium Large
Gender 0.132%** -0.026*** 0.016*** 0.010***
(0.013) (0.005) (0.002) (0.003)
Secondary (base category primary education) 0*067 -0.021*** 0.013*** 0.008***
(0.020) (0.005) (0.003) (0.003)
Technical Short 0.056*** -0.011%** 0.007*** 0.004**
(0.015) (0.003) (0.002) (0.001)
Technical Long 0.097*** -0.019%** 0.012%* 0.007***
(0.026) (0.006) (0.003) (0.003)
Higher 0.181** -0.037*** 0.023*** 0.015%+*
(0.022) (0.007) (0.003) (0.004)
(Base Category Management and High IntellectuaD.184*** -0.038*** 0.023*** 0.015***
professionals ) High Skilled White Collar
(0.020) (0.007) (0.003) (0.004)
Low Skilled White Collar 0.124*** -0.025%** 0.015** 0.010***
(0.024) (0.006) (0.003) (0.003)
Blue collar 0.110*** -0.022*** 0.014*** 0.008***
(0.023) (0.005) (0.003) (0.003)
Age 0.078*** -0.015%*** 0.009*** 0.005***
(0.007) (0.001) (0.000) (0.001)
Age squared -0.001*** 0.000%*** -0.000*** -0.000***
(0.000) (0.000) (0.000) (0.000)
Baseregional category lle de France (11) -0.095 0.017 -0.011 -0.006
Champagne-Ardenne(21)
(0.065) (0.0112) (0.007) (0.004)
Picardie (22) 0.181** -0.037*** 0.023*** 0.015*
(0.049) (0.013) (0.007) (0.006)
Haute-Normandie (23) 0.104* -0.021* 0.013* 0.008*
(0.053) (0.012) (0.007) (0.005)
Centre (24) 0.140*** -0.028** 0.017*** 0.011**
(0.048) (0.0112) (0.006) (0.005)
Basse-Normandie (25) -0.143** 0.024** -0.016** -09+*
(0.062) (0.0112) (0.007) (0.004)
Bourgogne (26) 0.075 -0.015 0.009 0.006
(0.058) (0.012) (0.007) (0.005)
Nord (31) 0.247*+* -0.053*** 0.032*** 0.021***
(0.044) (0.013) (0.007) (0.007)
Lorraine (41) 0.427** -0.101*** 0.058*** 0.043***
(0.050) (0.020) (0.008) (0.012)
Alsace (42) -0.011 0.002 -0.001 -0.001
(0.051) (0.009) (0.006) (0.003)
Franche-Comte (43) -0.318*** 0.048*** -0.032%** -016***
(0.067) (0.013) (0.008) (0.005)
Pays de la Loire (52) -0.074* 0.013* -0.008* -0.805
(0.039) (0.007) (0.005) (0.003)
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Bretagne (53) -0.498*** 0.067*** -0.045%*** -0.022**
(0.056) (0.015) (0.008) (0.007)
Poitou-Charentes (54) -0.225%*% 0.036*** -0.024***  -0.013***
(0.073) (0.012) (0.008) (0.005)
Agquitaine (72) -0.174%** 0.029*** -0.019%** -0.010**
(0.050) (0.009) (0.006) (0.004)
Midi-Pyrenees (73) -0.291%** 0.045*+* -0.030%*** -@15*+*
(0.057) (0.012) (0.007) (0.005)
Limousin (74) -0.426*** 0.060*** -0.040%*** -0.020**
(0.071) (0.014) (0.008) (0.006)
Rhone-Alpes (82) -0.157*** 0.026*** -0.017%** -0.0@+**
(0.035) (0.008) (0.004) (0.003)
Auvergne (83) 0.175* -0.036* 0.022** 0.014*
(0.080) (0.019) (0.011) (0.008)
Languedoc-Roussillon (91) -0.395%* 0.057** -0.088 -0.019***
(0.103) (0.016) (0.010) (0.006)
Provence-Alpes-Cote d’Azur (93) -0.390**4 0.056***| -0.038*** -0.019***
(0.050) (0.013) (0.007) (0.006)
(Base Industry Manufacturing) Trade -0.973%** 0.095*** -0.066*** -0.028***
(0.049) (0.022) (0.013) (0.009)
Services -0.637*** 0.078*** -0.053*** -0.024***
(0.032) (0.017) (0.010) (0.007)
Champagne-Ardenne(21), * Trade -1.081%** 0.098*** -0.069*** -0.029***
(0.247) (0.023) (0.014) (0.009)
Champagne-Ardenne(21), * Services 0.168*f -0.035¢ 0.021* 0.014
(0.083) (0.020) (0.011) (0.009)
Picardie (22) * Trade -0.925%** 0.093*** -0.065*** | -0.028***
(0.144) (0.022) (0.013) (0.009)
Picardie (22) * Services -0.281%** 0.044** -0.02%* | -0.015***
(0.068) (0.012) (0.007) (0.005)
Haute-Normandie (23) * Trade -0.630**4 0.077*** @B 3*** -0.024***
(0.119) (0.018) (0.011) (0.008)
Haute-Normandie (23) * Services -0.240%*y 0.038*** -0.025*** -0.013***
(0.070) (0.012) (0.007) (0.005)
Centre (24) * Trade -0.799%** 0.087*** -0.061*** -@27***
(0.132) (0.020) (0.012) (0.008)
Centre (24) * Services -0.190%** 0.031*** -0.020***| -0.011***
(0.063) (0.0112) (0.007) (0.004)
Basse-Normandie (25) * Trade -0.202 0.033 -0.022 01D
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(0.142) (0.021) (0.014) (0.007)
Basse-Normandie (25) * Services -0.026 0.005 -0.008 -0.002
(0.088) (0.016) (0.010) (0.006)
Bourgogne (26) * Trade -0.806*** 0.088*** -0.061%** | -0.027***
(0.123) (0.020) (0.012) (0.008)
Bourgogne (26) * Services -0.223%* 0.036*** -0.023 -0.012%**
(0.070) (0.0112) (0.007) (0.005)
Nord (31) * Trade 0.241%** -0.052** 0.031** 0.021*
(0.089) (0.023) (0.013) (0.011)
Nord (31) * Services -0.226*** 0.036*** -0.024** | 0.013***
(0.055) (0.010) (0.006) (0.004)
Lorraine (41) * Trade -1.128%*** 0.099*** -0.070*** | -0.029***
(0.122) (0.023) (0.014) (0.009)
Lorraine (41) * Services -0.310*** 0.047*** -0.03%* -0.016***
(0.064) (0.012) (0.007) (0.005)
Alsace (42) * Trade -0.508*** 0.068*** -0.046%*** -D22***
(0.103) (0.016) (0.010) (0.007)
Alsace (42) * Services 0.119* -0.024* 0.015* 0.009
(0.061) (0.014) (0.008) (0.006)
Franche-Comite (43) * Trade 1.105** -0.340%** 0.9+ 0.190***
(0.140) (0.063) (0.014) (0.053)
Franche-Comite (43) * Services -0.368**7 0.054*  0.036*** -0.018***
(0.085) (0.014) (0.008) (0.006)
Pays de la Loire (52) * Trade -0.298**4 0.046*** ABO*** -0.016***
(0.094) (0.014) (0.009) (0.006)
Pays de la Loire (52) * Services -0.124* 0.021*4  0.014** -0.008**
(0.057) (0.010) (0.006) (0.004)
Bretagne (53) * Trade -0.234* 0.037* -0.025* -0.613
(0.137) (0.020) (0.013) (0.007)
Bretagne (53) * Services 0.619*** -0.160%*** 0.086%* | 0.074***
(0.068) (0.031) (0.011) (0.021)
Poitou-Charentes (54) * Trade -0.160 0.027 -0.01y  0.009
(0.174) (0.027) (0.018) (0.009)
Poitou-Charentes (54) * Services 0.226**f -0.048*t  0.029** 0.019*
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(0.084) (0.022) (0.012) (0.010)
Aquitaine (72) * Trade -0.402*** 0.057*** -0.038*** | -0.019***
(0.099) (0.015) (0.009) (0.006)
Aquitaine (72) * Services 0.020 -0.004 0.002 0.001
(0.061) (0.012) (0.007) (0.004)
Midi-Pyrenees (73) * Trade -0.155 0.026 -0.017 09.0
(0.135) (0.021) (0.014) (0.007)
Midi-Pyrenees (73) * Services 0.086 -0.017 0.010 006.
(0.071) (0.015) (0.009) (0.006)
Limousin (74) * Trade -0.191 0.031 -0.020 -0.011
(0.167) (0.025) (0.016) (0.008)
Limousin (74) * Services 0.495%** -0.121%** 0.068* 0.053***
(0.094) (0.034) (0.015) (0.019)
Rhone-Alpes (82) * Trade -0.219*** 0.035*** -0.023* -0.012**
(0.082) (0.013) (0.008) (0.005)
Rhone-Alpes (82) * Services 0.049 -0.009 0.006) 9.00
(0.046) (0.009) (0.006) (0.004)
Auvergne (83) * Trade -0.552%* 0.071%* -0.049%** | -0.023***
(0.154) (0.019) (0.012) (0.008)
Auvergne (83) * Services -0.533*** 0.070*** -0.047 | -0.022***
(0.105) (0.017) (0.010) (0.007)
Languedoc-Roussillon (91) * Trade -0.284* 0.044* .0Zp* -0.015*
(0.171) (0.023) (0.015) (0.008)
Languedoc-Roussillon (91) * Services 0.054 -0.01( .006 0.004
(0.118) (0.023) (0.014) (0.009)
Provence-Alpes-Cote d’Azur (93) * Trade 0.274* .080** 0.036*** 0.024**
(0.094) (0.026) (0.014) (0.012)
Provence-Alpes-Cote d’Azur (93) * Services 0.150*F -0.030** 0.019** 0.012*
(0.060) (0.015) (0.008) (0.006)
Observations 45,084 45,084 45,084 45,084
cutl 1.236***
(0.143)
cut2 1.875**
(0.143)
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Ordered Probit and Marginal effects (Male and Female)

Now we will see the gender patters of observed @amabserved characteristics that
can cause selection into a size category. Reseltgrasented in Table-2.

For gender we see that people with less educatield are more likely to be in the
small size category. This pattern is clearer fotenveorkers. Compare to medium and large,
we see more preference for better educated male®dium size. For females only 4th and
5th educational category is significant. We seeaneference for female workers with long
technical education in small size category. Fohargeducation the medium and large size
coefficients are same. So, we may conclude thagimar effects on the size category of
changing educational levels are more clear for snalerkers and as expected. For females
workers with higher education there is increasegrabability of being in medium and large
size but with long technical education, they mayrmre desired by small size. This may be
due to the fact that discontinuity of female woegkar the employment may be absorbed by
the small size establishments because of theiibflexvork structures compare to large size.

For industry, the base category is manufacturinghé services sector, we see 0.16
percentage point increase in probability that szemall. Female workers work mostly in the
services or trade sector and small scale estabdistan These sectors may require public
dealing and representations therefore they mayepreimale workers more. It is largely
discussed in the literature that female workerseanployed in the low paying job that results
in the overall wage gap among male and female. iShisie for France as female are mostly
in the small scale services and trade sector wisidhw paying compare to manufacturing
sector.

As the interaction of manufacturing and lle de Erais the base category so overall
there is positive and increase in the probabiht size will be large for both male and female
if they work in the manufacturing sector and areha region lle de France. For services
sector, we see high magnitude of the coefficientbefonging to small size for female
workers. There is higher probability that size isdinm or large if the women are in the trade
sector and in the Nord region. Similarly the intti@n of Bretagne and services sector shows
that there is 0.15 percentage points increase enptiobability that size is large and 0.24
percentage point less probability that size is Emale see significant coefficients for regions
interacted with regions for male workers and fan#des it is in the case of interaction of

services sector with regions. Next sections presestimates for wage equations.
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Table-2 Oprobit and marginal effects by Gender

Variables Males Females
Oprobit ‘ small mediun1 large Oprobir smal' mediqm glar
Secondary (base category | 0.209*** -0.028** 0.019**  0.009** -0.018 0.006 -0.003 -0.003
primary education)
(0.027) (0.008)  (0.005)  (0.004 (0.031) (0.009) 0¢®)  (0.005)
Technical Short 0.129***  -0.016** 0.011*** 0.005** -0.028 0.009 -0.004 -0.004
(0.019) (0.005)  (0.003)  (0.002 (0.026) (0.008) 0Qa)  (0.004)
Technical Long 0.266*** -0.037** 0.025*** 0.013** | -0.110***  0.033** -0.017** -0.015**
(0.035) (0.011)  (0.006)  (0.005 (0.040) (0.013) 0¢B)  (0.008)
Higher 0.272**  -0.038*** 0.025*** 0.013*** | 0.095** -0.031*** 0.015*** 0.015**
(0.029) (0.011)  (0.006)  (0.005 (0.035) (0.012) 0¢B)  (0.007)
(Base Category Management 0.202+*  -0.027+* 0.018**  0.009** | 0.204** -0.068** 0.032** 0.035***
and High Intellectual
professionals ) High Skilled
White Collar
(0.025) (0.008)  (0.004)  (0.004 (0.039) (0.016) 0¢B)  (0.012)
Low Skilled White Collar 0.272** -0.038** 0.025*** 0.013*** | 0.109*** -0.035** 0.017*** 0.018**
(0.035) (0.011)  (0.006)  (0.005 (0.041) (0.014) 0QF)  (0.008)
Blue collar 0.112**  -0.014** 0.010***  0.004** 0.252**  -0.085** (0.039*** (0.045***
(0.028) (0.005)  (0.003)  (0.002 (0.048) (0.019) 0¢B)  (0.015)
Age 0.092***  -0.011** 0.007** 0.003*** | 0.067*** -0.021*** 0.011*** 0.010***
(0.009) (0.002)  (0.001)  (0.001 (0.011) (0.004) 0Q2)  (0.002)
Age squared -0.001***  0.000*** -0.000*** -0.000*** | -0.001*** 0.000*** -0.000*** -0.000***
(0.000) (0.000)  (0.000)  (0.000 (0.000) (0.000) 0Qm)  (0.000)
Baseregional category llede -0.052 0.006 -0.004 -0.002 -0.168 0.049 -0.026 28.0
France (11) Champagne-
Ardenne(21)
(0.074) (0.008)  (0.006)  (0.002 (0.130) (0.037) omm)  (0.017)
Picardie (22) 0.188**  -0.025**  0.017** 0.008* 0.185* -0.061* 029* 0.032
(0.056) (0.011)  (0.007)  (0.004 (0.100) (0.035) O1®)  (0.021)
Haute-Normandie (23) 0.047 -0.006 0.004 0.002 0.257** -0.086**  0.040** .0@6*
(0.061) (0.008)  (0.005)  (0.002 (0.108) (0.040) O1®)  (0.025)
Centre (24) 0.187**  -0.025** 0.017**  0.008* -0.016 0.005 -0aB -0.002
(0.056) (0.010)  (0.006)  (0.004 (0.093) (0.028) Of®)  (0.014)
Basse-Normandie (25) -0.235**  0.022** -0.016*** -0.006** 0.044 -0.014 0.007 0.007
(0.073) (0.009)  (0.006)  (0.003 (0.116) (0.037) O1®)  (0.019)
Bourgogne (26) 0.069 -0.008 0.006 0.003 0.029 -0.009 0.005 0.005
(0.067) (0.009)  (0.006)  (0.003 (0.115) (0.036) O1®)  (0.018)
Nord (31) 0.305**  -0.044** (0.029***  0.015** 0.042 -0.013 0.007 0.007
(0.050) (0.014)  (0.008)  (0.006 (0.096) (0.031) Of1®)  (0.015)
Lorraine (41) 0.467**  -0.075** 0.048**  0.027** | 0.321*** -0.110*** 0.050**  0.060**
(0.057) (0.022)  (0.011)  (0.011 (0.100) (0.038) O1®)  (0.027)
Alsace (42) 0.068 -0.008 0.006 0.003 -0.266***  0.074** -0.04TF* -0.033**
(0.060) (0.008)  (0.005)  (0.003 (0.093) (0.028) 0Ofa&)  (0.016)
Franche-Comte (43) -0.196** 0.019*  -0.014**  -0.006* | -0.641*** 0.150** -0.089*** -0.061**
(0.084) (0.009)  (0.006)  (0.003 (0.110) (0.040) 01F)  (0.024)
Pays de la Loire (52) -0.093** 0.010* -0.007* -0.003 -0.053 0.016 -0.008 -0.008
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Bretagne (53)

Poitou-Charentes (54)

Aquitaine (72)

Midi-Pyrenees (73)

Limousin (74)

Rhone-Alpes (82)

Auvergne (83)

Languedoc-Roussillon (91)

Provence-Alpes-Cote d’Azur
(93)

(Base Industry
Manufacturing) Trade

Services

Champagne-Ardenne(21), *
Trade

Champagne-Ardenne(21), *
Services

Picardie (22) * Trade

Picardie (22) * Services

Haute-Normandie (23) *
Trade

Haute-Normandie (23) *
Services

Centre (24) * Trade

Centre (24) * Services

Basse-Normandie (25) * Trag

Basse-Normandie (25) *

(0.047)
-0.561 %
(0.065)
-0.175*
(0.088)
-0.118*
(0.057)
-0.273%
(0.065)
-0.370%
(0.083)
-0.064
(0.041)
0.256%**
(0.093)
-0.309%
(0.117)
-0.345

(0.055)
-0.970%*

(0.064)
-0.579%
(0.041)
-1.324%

(0.356)
0.306%**

(0.100)
-0.978%*
(0.195)
-0.253%*
(0.086)
-0.556%*

(0.155)
-0.214

(0.091)
-0.827***
(0.181)
-0.035
(0.079)
je 0.078
(0.197)
-0.078

Services

(0.006)
0.041%*
(0.014)
0.017*
(0.009)
0.012*
(0.007)
0.025%**
(0.009)
0.031%**
(0.011)
0.007
(0.005)
-0.035**
(0.018)
0.027**
(0.012)
0.030%**

(0.010)
0.051%+

(0.018)
0.041%*
(0.014)
0.055%**

(0.020)
-0.044%

(0.021)
0.051%+

(0.019)
0.024%*

(0.010)
0.040%+

(0.015)
0.021*

(0.010)
0.049%*
(0.017)
0.004
(0.008)
-0.009
(0.026)
0.008

(0.004)
_0.030***
(0.009)
-0.012*
(0.006)
-0.009*
(0.004)
'0.018***
(0.006)
_0.023***
(0.007)
-0.005
(0.003)
0.024*
(0.011)
-0.020*
(0.008)
_0.021***

(0.007)
-0.038**

(0.012)
_0.030***

(0.009)
-0.041 %

(0.014)
0.029%

(0.013)
-0.038**

(0.012)
-0.017%*

(0.006)
-0.030%**

(0.010)
-0.015*

(0.006)
_0.036***
(0.012)
-0.003
(0.006)
0.006
(0.017)
-0.006

(0.002
-0.011%
(0.005
-0.005*
(0.003
-0.004*
(0.002
-0.007*
(0.003
-0.009*
(0.004
-0.002
(0.002
0.012*
(0.007
-0.008**
(0.004
-0.008*

(0.004
-0.013**

(0.006
-0.011%

(0.005
-0.014%

(0.006
0.015*

(0.009
-0.013*

(0.006
-0.007**

(0.003
-0.011**

(0.005
-0.006*

(0.003
-0.013*

(0.006
-0.001
(0.003
0.003
(0.008
-0.003

(0.073)
_0.366***
(0.102)
-0.426%+
(0.132)
-0.397%
(0.105)
_0.335***
(0.114)
_0.638***
(0.139)
-0.483%
(0.070)
-0.060
(0.157)
-0.676%*
(0.219)
_0.500***

(0.130)
-1.042%*

(0.080)
-0.749%+

(0.053)
-0.785*

(0.358)
-0.088

(0.155)
-0.877++

(0.221)
-0.347%+

(0.120)
-0.808*+

(0.193)
-0.369%*

(0.124)
-0.655*
(0.200)
-0.336**
(0.113)
-0.637%+
(0.213)
-0.114

(0.022) 01@)
0.098%**  -0.055%**
(0.031) 0O1%)
0.111%* -0.063**
(0.037) 01®)
0.104%** -0.059%**
(0.033) 0O1®)
0.091%* -0.051%**
(0.033) 017)
0.150%*  -0.089%**
(0.042)  Opm)
0.122%*  -0.D7*
(0.031) 01@)
0.018 -0.01
(0.047)  0p®)
0.156** -0.093*%
(0.050)  0RT)
0.126%* -0.073%*
(0.038) 0O1®)
0.199%*  -0.124%%*
(0.053)  0P®)
0.166%* -0.101%**
(0.042) 0O1®)
0.171%*  -0.104%**
(0.062) 08®)
0.026 -0.a1
(0.045)  Opa)
0.182%%*  -0.112%**
(0.051)  0pm)
0.093%*  -0.053%**
(0.032) 01)
0.174%*  -0.106%**
(0.048)  0P®)
0.098** -0.056**
(0.033) 0O(®)
0.152%%*  -0.091%**
(0.047)  Op@)
0.091%* -0.D5*
(0.031) 0O1®)
0.150%* -0.089*
(0.048)  0P®)
0.034 -0.018

(0.011)
-0.042%
(0.018)
-0.047*
(0.020)
-0.045*
(0.019)
-0.040*
(0.018)
-0.061*
(0.025)
-0.051
(0.020)
-0.009
(0.022)
-0.062
(0.027)
-0.053*

(0.022)
-0.074*

(0.031)
-0.066*
(0.026)
-0.067*

(0.029)
-0.013

(0.021)
-0.070*
(0.029)
-0.041%*
(0.018)
-0.068**

(0.028)
-0.043*

(0.018)
-0.061*
(0.025)
-0.040*
(0.017)
-0.061*
(0.025)
16.0
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Bourgogne (26) * Trade

Bourgogne (26) * Services

Nord (31) * Trade

Nord (31) * Services

Lorraine (41) * Trade

Lorraine (41) * Services

Alsace (42) * Trade

Alsace (42) * Services

Franche-Comite (43) * Trade|

Franche-Comite (43) *
Services

Pays de la Loire (52) * Trade|

Pays de la Loire (52) *
Services

Bretagne (53) * Trade

Bretagne (53) * Services

Poitou-Charentes (54) * Trad

Poitou-Charentes (54) *
Services

Aquitaine (72) * Trade

Aquitaine (72) * Services

Midi-Pyrenees (73) * Trade

Midi-Pyrenees (73) * Service

Limousin (74) * Trade

Limousin (74) * Services

)

(0.115)
-0.710%
(0.160)
-0.053
(0.089)
-0.117
(0.115)
-0.286**
(0.067)
-1.109%
(0.154)
-0.306*
(0.078)
-0.651%
(0.136)
-0.049
(0.077)
0.953%*
(0.186)
-0.604+

(0.112)
-0.525%*
(0.120)
-0.008

(0.077)
-0.370*
(0.219)
0.507%*
(0.084)

e -0.420*

(0.255)
0.090

(0.101)
-0.690%
(0.139)
-0.069
(0.077)
-0.184
(0.183)
-0.105
(0.089)
-0.291
(0.216)
0.499%+*
(0.122)

(0.012)
0.046%**
(0.016)
0.006
(0.009)
0.012
(0.011)
0.026%**
(0.009)
0.053%**
(0.019)
0.027%*
(0.010)
0.044%#*
(0.016)
0.005
(0.008)
_0.208***
(0.073)
0.042%%*

(0.015)
0.039%+*

(0.014)
0.001

(0.009)
0.031*
(0.016)
_0.084***
(0.028)
0.034*
(0.018)
-0.011

(0.014)
0.045%*
(0.016)
0.007
(0.008)
0.018
(0.016)
0.011
(0.009)
0.026
(0.017)
-0.082%
(0.034)

(0.008)
_0.034***
(0.011)
-0.004
(0.007)
-0.009
(0.008)
'0.019***
(0.006)
'0.040***
(0.013)
_0.020***
(0.006)
_0.032***
(0.010)
-0.004
(0.006)
0.116%*
(0.030)
_0.031***

(0.010)
-0.029%*

(0.009)

-0.001

(0.006)
-0.023*
(0.012)
0.053%**
(0.015)
-0.025*
(0.013)
0.008

(0.009)
_0.033***
(0.011)
-0.005
(0.006)
-0.013
(0.012)
-0.008
(0.006)
-0.019
(0.012)
0.052%+
(0.018)

(0.003
-0.012%
(0.006
-0.002
(0.003
-0.004
(0.003
-0.007*
(0.003
-0.013*
(0.006
-0.008*
(0.004
-0.012%
(0.005
-0.002
(0.002
0.092**
(0.044
-0.011%

(0.005
-0.011**

(0.005

-0.000

(0.003
-0.009*
(0.005
0.031**

(0.014
-0.009*
(0.005
0.004

(0.005
-0.012%
(0.005
-0.002
(0.002
-0.005
(0.005
-0.003
(0.003
-0.007
(0.005
0.030*
(0.016

(0.144)
_0.832***
(0.199)
-0.363%
(0.126)
0.683%*
(0.148)
-0.033
(0.109)
-1.126%
(0.204)
-0.301*
(0.118)
0.172
(0.163)
0.464%+
(0.106)
1.480%
(0.214)
0.049

(0.133)
-0.015
(0.150)
-0.239%*

(0.092)
-0.257
(0.188)
0.664%**
(0.116)
0.224
(0.250)
0.528%*

(0.147)
0.009

(0.157)
0.281**
(0.117)
-0.106
(0.210)
0.252**
(0.127)

0.044
(0.268)

0.617%+

(0.163)

(0.041) 0@2)  (0.019)
0.177** -0.108%*  -0.069**
(0.049) oOpa)  (0.028)
0.097** -0B5* -0.042*
(0.033) O0®)  (0.018)
-0.250%+%0.093%*  0.157**
(0.063) 0pm)  (0.060)
0.010 -0.005  -0.005
(0.033) 04F) (0.016)
0.205%* -0.129%* -0.076**
(0.056) 0PB)  (0.031)
0.083%* -0.046%* -0.037**
(0.032) 0  (0.017)
0.050 -0.027  -0.023
(0.044) 0f%)  (0.020)
-0.164*%0.069%*  0.095*
(0.046) 0f®)  (0.039)
-0.540%*  0.088  0.453%*
(0.064) 06%)  (0.105)
-0.015 0.008 0.008
(0.043) 0p1)  (0.022)
0.005 -0.002  -0.002
(0.046) Opa)  (0.022)
0.067** -0p8* -0.030*
(0.026) Oga)  (0.014)
0.072 -0.040 -0.032
(0.048) 0pB)  (0.022)
-0.243%%  0.092%*  (.151%*
(0.052) 0®)  (0.052)
-0.075 0.035 0.039
(0.089) 08B)  (0.052)
-0.189%++0.077%*  0.112**
(0.062) 0®)  (0.051)
-0.003 0.001 0.001
(0.049) 0f®)  (0.024)
-0.095*  0.044* 0.051*
(0.045) 04F)  (0.030)
0.032 0.017  18.0
(0.060) 08B)  (0.027)
-0.085*  0.039** 0.045
(0.048) 0(®)  (0.030)
-0.014 0.007 0.0
(0.086) 04®)  (0.043)
-0.224%%  0.087**  0.137**
(0.069) 0f1)  (0.060)

D7
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Rhone-Alpes (82) * Trade -0.198*  0.019*  -0.014*  -0.006* -0.040 0.012 -0.006 -0.006
(0.108) (0.011)  (0.007)  (0.003 (0.132) (0.040) 0m1)  (0.019)
Rhone-Alpes (82) * Services 0.014 -0.002 0.001 0.000 0.303***  -0.103***0.047***  0.056**
(0.059) (0.007)  (0.005)  (0.002 (0.082) (0.034) 0(®@)  (0.025)
Auvergne (83) * Trade -0.248 0.023 -0.017 -0.007 -0.814**  0.175*** -0.16* -0.068**
(0.190) (0.016)  (0.011)  (0.005 (0.284) (0.056) 08D)  (0.029)
Auvergne (83) * Services -0.554**  0.040** -0.030*** -0.011** | -0.379** 0.101*  -0.057** -0.044*
(0.133) (0.014)  (0.010)  (0.005 (0.186) (0.045) 0EB)  (0.022)
Languedoc-Roussillon (91) *| -0.538**  0.040** -0.029** -0.011** |  0.193 -0.064 0.030 0.033
Trade
(0.229) (0.016)  (0.011)  (0.005 (0.286) (0.100) 0O4a)  (0.057)
Languedoc-Roussillon (91) *| -0.153 0.015 -0.011 -0.005 0.433* -0.152*  0.065** .0&7
Services
(0.143) (0.013)  (0.009)  (0.004 (0.233) (0.092) 081)  (0.064)
Provence-Alpes-Cote d’Azur 0.172 -0.022 0.015 0.007 0.459***  -0.162** 0.069*** 0.093*
(93) * Trade
(0.124) (0.019)  (0.013)  (0.007 (0.173) (0.070) 0EB)  (0.052)
Provence-Alpes-Cote d’Azur 0.056 -0.007 0.005 0.002 0.309** -0.105**  0.048** .067
(93) * Services
(0.072) (0.009)  (0.006)  (0.003 (0.138) (0.054) .0ED)  (0.036)
Observations 27,384 27,384 27,384 27,384 17,7 17,7 17,7 17,7
cutl 1.583%%* 0.712%xx*
(0.185) (0.233)
cut2 2.204%%* 1.394%%*
(0.185) (0.233)

5. Wage equations estimation

Tables 3-5 show the Heckman two step estimationguhare results across gender and across

size categories for the measures of gross and basity wage. Firstly, results for the whole

population are presented for gross hourly wagddia) it is followed by results where the

same wage equation is estimated by gender for d¢rosdy wage (table-4) and finally the

similar wage equation across gender is estimatetidsic hourly wage (table-5). The results

for basic wage for whole population are not preseihmere.

The estimates of the oprobit equation in the $sition are used to construct the

inverse mills ratio for correcting selection biasthe wage equation for male and females for

choosing to go to a size category of employer. This take into account the selection bias in

the employer size and wage relationship.

Standard Mincer type equation is estimated keepaulp category of size as reference.

Three different equations by size are estimate@s&hresults are then used to calculate the

share of the human capital contribution, discriioracomponent and selectivity component

in the wage differential by size and by gender. Tbgeof individual hourly wage is regressed
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against various control variables representing faducational dummy variables, four
professional dummy variables, tenure and its sq(ubBmegth of employment in current job in
years) , type of employment contract, twenty ongiaal dummies and three industrial
dummies.

The results of the wage equation are same as egpbyt many other studies. We see
same sign and direction of the affect of observaidesidual characteristics on hourly wage.
We see that education has a major positive effacthe wages for both male and female
workers. As education increases, rewards increasdsas size increases reward increases.
Female workers get higher rewards by as educatienel increases.

Tables 3-5 also report the average of the IMR éia, error variance of the wage
equations and the correlation coefficient of the error termsthe both equations. The
coefficient of IMR is negative and significant iti af the cases except for female large size
employer.

The selection term is the product of the truncateshn and the coefficiensd). The
sign of the selection coefficient is dependentlmcp and the truncated mean and together
they will determine the affect of selection on W&ge differentials. As the truncated mean for
small size category is negative (equation-8) andedtomes positive as size increases
(equation 9-10). We see negative correlation coefit and negative IMR for all size
categories. This implies that if you have more progity to work in the large establishments
then there are unobservable factors that are etecelwith lower wage. There is negative
selection on unobservables in the large establisksn&he correlation coefficient is negative
meaning that the unobserved factors have negatfeeten wages and positive effect on
selection meaning that workers who self-selectetb ibig establishments possessed
unobserved traits that depressed wages. Positietisen on observables and negative
selection on unobservable and both are negativaiyelated with each other. Therefore, a
negative coefficient of selection term for smallul imply positive selection generating a
higher wage for small size if selection mattersisTheans that the predicted wage in the non-
random sorting is higher for small sized worker pane to average wage of the small sized
worker. The unobservable characteristics wouldl tenyield a negative error terms in the
selection equation and a positive error term invilage equation thereby creating a uniform
negative selection coefficients. People with unolesg characteristics will earn higher wages
regardless of the size but they have lower proligbdf being observed in large size
employers. The coefficients of lambda are highar iammen which means that lower

probabilities for women for going to large size gare to man.
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The pattern of selection is same for both malesfanthles. But the coefficient of
selection term for the large size employer for flasas not significant, suggesting that
selection does not matter for women. Particulanpmen will have more preference for
routine services where changes occur slowly andwbek does not demand innovative
initiatives. Thus, we can see the large compositbwomen in the services sector or small
trades. Further, because of career breaks thewnid accepting any job offer and may be
underemployed in most of the cases or getting eev@ger then what they deserve compares
to men in the same job. Therefore, the affect afbiservable characteristics on the error term

of selection and wage for women is not clear.
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Table-3 Heckman Estimation procedure, switching regression model (all population):
GrossHourly Wages

VARIABLES (Small) (Medium) (Large)
Gender 0.137*** 0.144%** 0.163***
(0.005) (0.006) (0.004)
Secondary (base category primary education) 0:080* 0.100*** 0.110***
(0.006) (0.008) (0.006)
Technical Short 0.049*** 0.063*** 0.082***
(0.005) (0.006) (0.004)
Technical Long 0.107*** 0.123%* 0.146***
(0.008) (0.011) (0.007)
Higher 0.163** 0.203*** 0.228***
(0.007) (0.009) (0.007)
(Base Category Management and High Intellectudiegsionals -0.452%** -0.425*** -0.420%**
) High Skilled White Collar
(0.007) (0.009) (0.006)
Low Skilled White Collar -0.679*** -0.639*** -0.578***
(0.007) (0.010) (0.008)
Blue collar -0.766*** -0.700%** -0.616***
(0.007) (0.009) (0.007)
Tenure 0.015** 0.017** 0.015%**
(0.001) (0.001) (0.001)
Tenure2 -0.000%*** -0.000*** -0.000***
(0.000) (0.000) (0.000)
Type of job Contract -0.004 0.002 -0.125%**
(0.009) (0.010) (0.013)
(Base Industry Manufacturing) Trade 0.072%** 0.040** 0.016
(0.013) (0.017) (0.014)
Services 0.057*** 0.050*** 0.056***
(0.008) (0.010) (0.008)
Baseregional category lle de France (11) Champagne- -0.191%+* -0.098*** -0.099%**
Ardenne(21)
(0.013) (0.016) (0.012)
Picardie (22) -0.168*** -0.142%** -0.066***
(0.012) (0.013) (0.009)
Haute-Normandie (23) -0.132%** -0.108*** -0.069***
(0.010) (0.014) (0.009)
Centre (24) -0.190%** -0.147*** -0.112%**
(0.010) (0.013) (0.009)
Basse-Normandie (25) -0.192*** -0.172%** -0.082***
(0.012) (0.018) (0.012)
Bourgogne (26) -0.194*** -0.130%** -0.127%**
(0.012) (0.013) (0.010)
Nord (31) -0.217%** -0.188*** -0.147%*=*
(0.009) (0.011) (0.007)
Lorraine (41) -0.166*** -0.142%** -0.091***
(0.0112) (0.013) (0.008)
Alsace (42) -0.159%** -0.084*** -0.050***
(0.010) (0.0112) (0.009)
Franche-Comte (43) -0.146*** -0.204*** -0.147%**
(0.013) (0.017) (0.015)
Pays de la Loire (52) -0.179%** -0.169*** -0.117%**
(0.009) (0.011) (0.008)
Bretagne (53) -0.197*** -0.199%** -0.121%**
(0.009) (0.013) (0.009)
Poitou-Charentes (54) -0.197*** -0.120%** -0.051***
(0.012) (0.014) (0.011)
Aquitaine (72) -0.180%*** -0.119%** -0.025%**
(0.009) (0.012) (0.009)
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Midi-Pyrenees (73)
Limousin (74)
Rhone-Alpes (82)
Auvergne (83)
Languedoc-Roussillon (91)
Provence-Alpes-Cote d’Azur (93)
lambda

Sigma

rho

Constant

Observations

R-squared
Adj. R-squared

-0.186**
(0.010)
-0.222%*
(0.014)
-0.147%*
(0.007)
-0.239***
(0.014)
-0.159*+
(0.013)
-0.092%+
(0.008)
-0.154%*
(0.014)
23841
-0.6459
4.411%
(0.022)
17,612
0.65
0.65

-0.117%*
(0.015)
-0.217%*
(0.018)
-0.108**
(0.009)
-0.135**
(0.023)
-0.133**
(0.022)
-0.075*++
(0.011)
-0.087**
(0.013)
22451
-0.3875
4.478%
(0.018)
10,177
0.66
0.66

0.101%
(0.010)
0,171+
(0.014)
-0.051++
(0.007)
-0.102%+
(0.013)
-0.076%+
(0.016)
-0.015
(0.009)
-0.125++
(0.016)
21664
-0.5769
4.699%+
(0.023)
17,295
0.65
0.65

Robust standard errors in parentheses *** p<0.8p<0.05, * p<0.1

Table-4 Heckman Estimation procedure, sSwitching regresson model (Malesand

Females): Gross hourly Wages

Males Females
VARIABLES (Small) (Medium) (Large) (Small) (Medium) (Large)
Secondary (base 0.054*** 0.093*** 0.086*** 0.101 %+ 0.091*+* 0.102***
category primary
education)
(0.010) (0.011) (0.008) (0.009) (0.0112) (0.009)
Technical Short 0.026*** 0.051*+* 0.061*** 0.066*** 0.060*** 0.073***
(0.007) (0.008) (0.005) (0.007) (0.009) (0.008)
Technical Long 0.092*** 0.090*** 0.103*** 0.112%* 0.134%** 0.148***
(0.012) (0.015) (0.010) (0.012) (0.015) (0.012)
Higher 0.158*** 0.186*** 0.180*** 0.167*** 0.203*** 0.249*+*
(0.010) (0.013) (0.009) (0.010) (0.013) (0.011)
(Base Category -0.454%*** -0.434 %+ -0.455%** -0.440%** -0.419%** - 0.357**
Management and High
Intellectual professionals
) High Skilled White
Collar
(0.008) (0.011) (0.007) (0.0112) (0.016) (0.012)
Low Skilled White Collal  -0.733*** -0.706*** -0.677*** -0.661*** -0.631*** - 0.517**
(0.012) (0.015) (0.011) (0.0112) (0.016) (0.013)
Blue collar -0.760%*** -0.692*** -0.624*** -0.784*** -0.761%** -0.649%**
(0.009) (0.011) (0.008) (0.014) (0.019) (0.015)
Tenure 0.014%* 0.017** 0.012%* 0.016*** 0.017*** 0.015%+*
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Tenure2 -0.000%*** -0.000%*** -0.000%*** -0.000%*** -0000*** -0.000***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Type of job Contract -0.020 -0.011 -0.199*** 0.011 0.011 -0.061***
(0.014) (0.016) (0.020) (0.0112) (0.014) (0.016)
(Base Industry 0.104+* 0.075*** 0.114%* -0.002 -0.020 -0.072%*=*
Manufacturing) Trade
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Services
Baseregional category
Ilede France (11)
Champagne-
Ardenne(21)
Picardie (22)
Haute-Normandie (23)
Centre (24)
Basse-Normandie (25)
Bourgogne (26)
Nord (31)
Lorraine (41)
Alsace (42)
Franche-Comte (43)
Pays de la Loire (52)
Bretagne (53)
Poitou-Charentes (54)
Aquitaine (72)
Midi-Pyrenees (73)
Limousin (74)
Rhone-Alpes (82)
Auvergne (83)

Languedoc-Roussillon
(91)

Provence-Alpes-Cote
d’Azur (93)

lambda
Constant

Sigma
rho

Observations
R-squared
Adj. R-squared

(0.017)

0.053***

(0.010)
-0.192%**

(0.018)
-0.165%+
(0.016)
-0.119%+
(0.014)
-0.196%
(0.015)
-0.174%
(0.018)
-0.212%%
(0.016)
-0.202%+
(0.012)
-0.150%+
(0.015)
-0.134%+
(0.014)
-0.142%
(0.019)
-0.172%
(0.013)
-0.168*+
(0.014)
-0.191%
(0.017)
-0.167%+
(0.013)
-0.169%
(0.014)
-0.241 %
(0.019)
-0.143%
(0.010)
-0.258%+
(0.021)
-0.138*

(0.018)
-0.079%+

(0.012)
-0.162%+
(0.018)
4.575%%
(0.029)
24618
-0,658

9,568
0.67
0.67

(0.023)
0.061%**
(0.012)
-0.092%*

(0.021)
-0.129%
(0.018)
-0.097%+
(0.020)
-0.127%
(0.017)

-0.151 %
(0.024)
-0.109%+
(0.018)

-0.171%+
(0.014)
-0.118%+
(0.017)
-0.063%+
(0.015)
-0.190%
(0.024)
-0.152%*
(0.015)
-0.161%+
(0.018)
-0.094%+
(0.018)
-0.090%+
(0.016)
-0.076%*
(0.020)
-0.177%*
(0.026)
-0.091%
(0.012)
-0.135%*
(0.028)
-0.100%

(0.032)
-0.052%*

(0.015)
-0.108%**
(0.017)
4,627+
(0.024)
23172
-0,466

5,973
0.65
0.65

(0.020)

0.115%+

(0.010)
-0.092%+

(0.014)
-0.061++
(0.011)
-0.014
(0.011)
-0.101%+
(0.010)
-0.045+
(0.017)
-0.104%+
(0.012)
-0.140%+
(0.009)
-0.093*+
(0.010)
-0.012
(0.011)
-0.117%
(0.019)
-0.086**
(0.010)
-0.093*+
(0.013)
-0.038*
(0.015)
0.033%+
(0.011)
-0.020
(0.013)
-0.136%+
(0.017)
-0.021%
(0.008)
-0.103%+
(0.016)
0.009

(0.020)
0.040%**

(0.012)
-0.269**
(0.022)
5.085%+
(0.031)
22019
-1,222

11,843
0.62
0.62

(0.018)
0.035%+*
(0.012)
-0.188*+

(0.020)
-0.172%
(0.017)
_IBO***
(0.015)
-0.187+
(0.015)
-0.212%
(0.017)
-0.188*
(0.015)
-0.228%+
(0.013)
-0.185*
(0.016)
-0.187%+
(0.014)
2063+
(0.018)
-0.191 %+
(0.013)
-0.225%
(0.014)
-0.199%+
(0.016)
-0.199*
(0.012)
-0.BO*
(0.013)
-0.190*
(0.022)
-0. 165
(0.011)
-0.226%
(0.019)
-0.196++

(0.017)
-0.113%+

(0.012)
-0.086*+
(0.021)
4 45T%+
(0.033)
22733
-0,378

8,044
0.59
0.59

(0.024)
0.017

(0.015)
-0.106%**

(0.026)
-0.165*+
(0.020)
-0.132%+
(0.020)
-0.193%+
(0.021)
-0.195%
(0.027)
-0.163%+
(0.018)
0.213%+
(0.017)
-0.178%+
(0.020)
_ﬂ_14*~k*
(0.016)
-0.222%%
(0.023)
-0.189%
(0.016)
-0.237%*
(0.018)
-0.145%*
(0.022)
-0.161%+
(0.016)
-0.159%+
(0.021)
-0.261%
(0.025)
-0.134%%
(0.014)
-0.149%+
(0.037)
-0.168+

(0.029)
-0.109%+

(0.016)
-0.(B3**
(0.018)
4.524%
(0.027)
21161
-0,250

4,204
0.62
0.62

(0.017)
-0.019
(0.012)
- 0.178%*

(0.023)
-0.074%
(0.016)
-0.140%+
(0.015)
-0.164%
(0.015)
-0.101%+
(0.016)
20177+
(0.020)
-0.161%
(0.012)
-0.136%
(0.014)
-0.124%+
(0.014)
-0.183%+
(0.024)
-0.155%*
(0.013)
-0.119%
(0.013)
-0.052%+
(0.016)
-0.130%*
(0.015)
-0.177%%
(0.014)
-0.217%
(0.026)
-0.116%+
(0.012)
-0.109%
(0.021)
-0.1%%*

(0.023)
-0.079%

(0.014)
-0.011
(0.021)
4,545+
(0.030)
119753
-0,056

5,452
0.64
0.63

Robust standard errors in parentheses *** p<0.8p<0.05, * p<0.1
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Table-5 Heckman Estimation procedure, switching regresson model (Malesand
Females): Basic hourly Wages

Males Females
VARIABLES (Small) (M edium) (Large) (Small) (M edium) (Large)
Secondary (base 0.043*** 0.093*** 0.096*** 0.085*** 0.072%* 0.086***
category primary
education)
(0.010) (0.011) (0.008) (0.008) (0.011) (0.009)
Technical Short 0.035*** 0.065*+* 0.072%*** 0.056*** 0.043**+* 0.060***
(0.006) (0.008) (0.005) (0.007) (0.009) (0.008)
Technical Long 0.082*** 0.103*** 0.114%* 0.107*** 0.102%** 0.141 %
(0.012) (0.015) (0.009) (0.010) (0.015) (0.012)
Higher 0.163*+* 0.200%** 0.221 % 0.171%* 0.1971 %+ 0.222%*
(0.010) (0.013) (0.009) (0.009) (0.013) (0.011)
(Base Category -0.469%*** -0.451 %+ -0.510*** -0.450*** -0.427*** - 0.394***
Management and High
Intellectual professionals
) High Skilled White
Collar
(0.008) (0.011) (0.007) (0.0112) (0.015) (0.012)
Low Skilled White Collary  -0.739*** -0.735*** -0.741%** -0.665%** -0.648*** - 0.556***
(0.0112) (0.015) (0.011) (0.012) (0.016) (0.013)
Blue collar -0.779%** -0.735%** -0.705%** -0.760%*** -0.750%** -0.696***
(0.009) (0.011) (0.008) (0.014) (0.018) (0.014)
Tenure 0.007*** 0.008*** 0.005*** 0.009*** 0.010%** 0.005***
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Tenure2 -0.000* -0.000 0.000 -0.000 -0.000 0.000**
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Type of job Contract -0.021 -0.052*** -0.226*** 008 -0.012 -0.064***
(0.014) (0.016) (0.019) (0.0112) (0.013) (0.016)
(Base Industry 0.088*** 0.091*** 0.120*** -0.023 -0.032 -0.076***
Manufacturing) Trade
(0.017) (0.023) (0.019) (0.017) (0.023) (0.017)
Services 0.040*** 0.062*** 0.119%* 0.008 0.010 026**
(0.010) (0.012) (0.009) (0.012) (0.014) (0.011)
Base regional category -0.194*** -0.125%** -0.129%** -0.184*** -0.139*** - 0.141%*
Ilede France (11)
Champagne-
Ardenne(21)
(0.018) (0.021) (0.013) (0.019) (0.025) (0.022)
Picardie (22) -0.156*** -0.116*** -0.103*** -0.139* -0.162*** -0.1Q7***
(0.016) (0.018) (0.011) (0.016) (0.019) (0.016)
Haute-Normandie (23) -0.161*** -0.090*** -0.077*** -0.145%** -0.153*** -0.119***
(0.014) (0.020) (0.011) (0.015) (0.019) (0.014)
Centre (24) -0.163*** -0.149%** -0.084*** -0.158*** -0.203*** -0.158***
(0.015) (0.017) (0.010) (0.014) (0.020) (0.015)
Basse-Normandie (25) -0.161 %+ -0.156*** -0.078*** -0.188*** -0.196*** -0.087***
(0.018) (0.024) (0.016) (0.016) (0.026) (0.016)
Bourgogne (26) -0.185*** -0.069*** -0.133*** -0.176* -0.187*** -0.182***
(0.015) (0.018) (0.012) (0.015) (0.017) (0.020)
Nord (31) -0.216*** -0.162*** -0.166*** -0.193*** 0.216*** -0.151 %+
(0.012) (0.014) (0.008) (0.012) (0.016) (0.0112)
Lorraine (41) -0.178*** -0.121%** -0.145%** -0.156** -0.201*** -0.112%**
(0.014) (0.017) (0.010) (0.015) (0.019) (0.014)
Alsace (42) -0.125*** -0.036** -0.022** -0.171%** 0.153*** -0.120%**
(0.014) (0.015) (0.010) (0.014) (0.015) (0.013)
Franche-Comte (43) -0.165%** -0.153*** -0.109*** <Q4 9%+ -0.210%** -0.188***
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Pays de la Loire (52)
Bretagne (53)
Poitou-Charentes (54)
Aquitaine (72)
Midi-Pyrenees (73)
Limousin (74)
Rhone-Alpes (82)
Auvergne (83)

Languedoc-Roussillon
(91)

Provence-Alpes-Cote
d’Azur (93)

lambda

Sigma
rho
Constant

Observations
R-squared
Adj. R-squared

(0.018)
-0.168*
(0.013)
-0.143%+
(0.013)
-0.191 %
(0.016)
-0.145%+
(0.012)
-0.120%*
(0.014)
-0.192%+
(0.019)
-0.136**
(0.010)
-0.212%*
(0.020)
-0.166**

(0.018)
-0.084**

(0.012)
-0.154%+
(0.018)
24069
-0.63982
4.482%%
(0.029)
9,514
0.68
0.67

(0.024)
-0.136**
(0.015)
-0.152%+
(0.018)
-0.126%++
(0.018)
-0.106%+
(0.016)
-0.053%+
(0.020)
-0.166**
(0.026)
-0.086**
(0.012)
-0.086**
(0.029)
-0.128**

(0.032)
-0.059*

(0.015)
-0.103**
(0.017)
23104
-0.445810
4.534%%
(0.024)
5,949
0.67
0.67

(0.018)
-0.065*+
(0.010)
-0.122%+
(0.013)
-0.054%+
(0.015)
-0.001
(0.010)
0.004
(0.013)
-0.109*+
(0.016)
-0.019%
(0.008)
-0.097++
(0.015)
-0.057++

(0.019)
0.024**

(0.011)
-0.226**
(0.021)
20977
-1.07737
4,921 %+
(0.030)
11,832
0.70
0.70

(0.017)
-0.179%+
(0.013)
-0.201%
(0.013)
-0.184%+
(0.015)
-0.196%+
(0.012)
-0.16%
(0.013)
-0.167*
(0.021)
-0. 13
(0.010)
-0.212%
(0.018)
-0.169*+

(0.017)
-0.096*+

(0.011)
-0.062%+
(0.020)
21736
-0.28524
4.428%+
(0.032)
8,001
0.58
0.58

(0.022)
-0.222%*
(0.016)
-0.242%*
(0.018)
-0.174%*
(0.021)
-0.191%+
(0.016)
-0.184%+
(0.020)
-0.257%+
(0.024)
-0.161++
(0.014)
-0.171%*
(0.036)
-0.179%+

(0.027)
-0.138*+

(0.015)
-0.(B4**
(0.017)
20184
-0.16845
4.477%
(0.026)
4,185
0.63
0.62

(0.024)
-0.167**
(0.013)
-0.143**
(0.012)
-0.043**
(0.016)
-0.129*+
(0.014)
-0.113%+
(0.014)
-0.207**
(0.025)
-0.101%+
(0.012)
-0.101%
(0.021)
- 0.184%+

(0.023)
-0.052%+*

(0.014)
-0.036*
(0.020)
19246
0.18705
4.489%
(0.030)
5,437
0.64
0.64

Robust standard errors in parentheses *** p<0.8p<0.05, * p<0.1

28



6. Decomposition of Gender Wage Differential across Size

We now come to the core of our illustration- theedkdown of gender wage
differentials into the human capital, the discriation and the selectivity components.

In the previous section, we have seen positivecgete on unobservable in small
establishments and negative selection on unobdervaltarge establishments with negative
correlation of the error terms in the selection avafje equation. Moreover we see higher
rewards on observable characteristics for femateisfaund that the coefficient of selection
term for the large size employer for females is sighificant, suggesting that rewards on
unobservable characteristics for female are nobmapt or does not exists in the large size of
establishments. Now in this section, the genderendifferentials are decomposed using OB
standard wage decomposition to see the contributic@ach component in the gender wage
gap. It is done for each size category so thaargeable to see affect of workplaces on the
gender wage differentials. Decomposition of wagéeentials has been studied by many
authors in the context of gender, race etc. Bubagosing wage differentials by employer
size has not been explored in detail.

Table 6-9 shows results of gender wage decompns#@oss size group when the
non-random selection of workers is taken into antoHere negative values will show high
wages for females. The dominant group is male. fireepart of the table 6 shows the exact
values when we add up the mean values of all eapday variables used in the wage
equation (explained/endowment component), the astidhcoefficients of the explanatory
variables (unexplained /discrimination componesgjection component and the difference of
the constant terms. The total (R) adds up all caorapts and the RS is the total net of
selection. The second part of table 6 shows prapoudf each contribution with respect to
total differential. In the small sized establishiserthe endowment proportion contributes to
39 percent of the wage difference but this is d¢ffsethe coefficients proportion as female
workers gets more wage compare to male. The wdfgratice of 49 percent is explained by
females being paid more than males. Selection iboméss to 15 percent of the wage
differential between male and female in small siaeegory of establishments. Inclusion of
selection components increases the wage differaneee can see the difference in the R and
RS. For medium sized establishments, we can sdethiradifference in characteristics
between males and females contributes to 31 pereeage difference. The wage
discrimination is 14 percent of the total wage eliéintial. Selectivity factors increases wage

difference by 4 percent and unexplained proporontribution is 49 percentin large
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establishments the entire wage differential is thueinexplained proportion. 13 percent is
selectivity and 13 percent is endowment but bothodiiset by coefficient proportion.

Table-7 gives information on explanatory variabtemtributing to explained and
unexplained component of the wage differential. g values show higher wages for
females. The column on coefficients reveals thahdéi wages for male are offset by
educational categories as rewards for educatiohigher for female as observed by the data.
Table-8-9 present similar results with respectasi® hourly wage. We see the same patterns
of results of the contribution of each componenthi® entire wage differential between male
and female in each size category.

We see that the wage differential is positive. Matget higher wage compare to
females. But the major proportion of this differeris not explained by the model. May be
this is due to the firms’ specific behaviors of eeding the male workers. The intercept terms
are increasing by size group meaning that withoaluding any characteristics of workers
and firms, the affect of size on wage is positivel ancreasing and higher for males. Big
establishments prefer male workers compare to esnalgardless of their characteristics.

We may conclude that gender wage differentialslamger in large size employers.
And in medium size establishments, gender wageréifitial is less compare to small size. In
small establishments men earns 49 percent lesswiamen. And in large men earns 29
percent less than women. The explained share oivéige differential is more in small size.
Explained share contribute 39 percent of the waifereintial in small, 31 percent in medium
and 13 percent in large. We can also see the iaupogtof taking into account the selectivity
factors in explaining the wage differential. In $hsdze the selection bias causes 15 percent
of the wage differential. In medium the selectidymponent is 4 percent and in large it is 13
percent. We also see from first part of the tablt gender wage differential increases in all
size groups after adding selectivity factors. Tim&ans selection disfavors the gender wage
differential or increases the difference betweenenamd female. The selection and net of
selection difference is more in large size emplsyer

We see the major contribution of the gender waderdntial in large size is not
explained and it is the difference in the intercdpiis implies that in the large establishments,
workers with no education, no experience and willeloobservable characteristics earn more
wage in the large compare to other size groupst & exclude human capital effect then we
observe higher wages for those workers. And theypatentially male workers. This is the
pure size effect and preference for male workénnay be regarded as efficiency wage. Big

size establishments prefer male workers and otigeaauses of gender gap is the association
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of female workers with low paying workplaces. Thagy get higher rewards for observable
characteristics in small size establishments baitélwards on the unobservable characteristics
are significant for male workers as we saw in tlagevequations.

Table-6 Gender Wage Decomposition with selectivity factor (Gross hourly wage)

Endowments Coefficients  Selectivity I nter cepts (V) Total Total net of
(E) ©) S (R) selectivity
(R9)
M-F (small) 0,0493 -0,0612 0,019 0,1180 0,1250 0,1061
M-F 0,0657 0,0300 0,009 0,1030 0,2076 0,1987
(medium)
M-F (large) 0,0685 -0,1540 0,072 0,5398 0,5266 0,4543
Endowment Coeficient Selectivity Unexplained Proportion
Proportion (E/R) Proportion (C/R) Proportion (S/R) (U/R)
M-F (small) 0,395 -0,490 0,151 0,944
M-F (medium) 0,317 0,145 0,043 0,496
M-F (large) 0,130 -0,292 0,137 1,025
Table-7 OB Decomposition (Gross hourly wage)
Variables Small Medium Large

E C E C E C

Endowments Coefcients | Endowments Coefcients | Endowments Coefcients
Secondary (base category

primary education) -0,003 -0,008 -0,005 0,000, -0,004 -0,002
Technical Short 0,002 -0,013 0,004 -0,003 0,007 -0,004
Technical Long -0,003 -0,002 -0,001 -0,003 0,000 -0,003
Higher -0,005 -0,002 -0,009 -0,003 -0,007 -0,014

(Base Category
Management and High
Intellectual professionals
High Skilled White Collar

0,006 -0,004 0,003 -0,004 -0,004 -0,030
Low Skilled White Collar 0,323 -0,038 0,273 -0,035 | 0,219 -0,063
Blue collar -0,265 0,003 -0,209 0,014 | -0,138 0,006
Tenure

0,009 -0,014 0,019 0,003 0,027 -0,039
Type of job Contract

0,000 -0,032 0,000 -0,024 0,004 -0,143
(Base Industry
Manufacturing) Trade -0,002 0,019 -0,001 0,008, -0,004 0,011
Services

-0,011 0,013 -0,008 0,031 -0,025 0,068
Base regional category lle
de France (11)
Champagne-Ardenne(21) -0,001 0,000 -0,001 0,000 -0,001 0,001

31



Picardie (22) -0,001 0,000 0,000 0,001 -0,001 0,000
Haute-Normandie (23) -0,001 0,001 0,001 0,001 0,000 0,005
Centre (24) 0,001 0,000 -0,002 0,002 -0,001 0,002
Basse-Normandie (25) 0,001 0,001 0,000 0,001 0,001 0,002
Bourgogne (26) 0,001 -0,001 0,002 0,003 | -0,001 0,001
Nord (31) -0,002 0,001 -0,003 0,003 -0,003 0,002
Lorraine (41) -0,001 0,001 -0,001 0,002 -0,003 0,002
Alsace (42) -0,001 0,002 0,001 0,004 0,000 0,006
Franche-Comte (43) 0,000 0,001 0,001 0,001 0,000 0,001
Pays de la Loire (52) 0,000 0,001 0,000 0,002 0,000 0,004
Bretagne (53) -0,001 0,003 0,000 0,003 0,003 0,002
Poitou-Charentes (54) 0,000 0,000 -0,001 0,001 0,001 0,000
Aquitaine (72) 0,001 0,002 0,001 0,005 0,000 0,007
Midi-Pyrenees (73) 0,000 0,002 0,000 0,003 0,000 0,008
Limousin (74) -0,001 -0,001 0,001 0,002 -0,001 0,001
Rhone-Alpes (82) 0,001 0,001 -0,001 0,005 -0,001 0,007
Auvergne (83) 0,002 -0,001 0,000 0,000 0,000 0,000
Languedoc-Roussillon (91) g ogo 0,002 0,001 0,001 0,000 0,003
Provence-Alpes-Cote
d'Azur (93) -0,001 0,002 0,000 0,004 0,000 0,005
Table-8 Gender Wage Decomposition with selectivity factor (Basic Hourly Wage)
Endowments Coefficients Selectivity (S) Intercepts(U)  Total (R) Total net of
(E) (C) selectivity
(RS
M-F (small) 0,0456 -0,0435 0,020 0,0540 0,0760 6105
M-F (medium)  0,0527 0,0233 0,009 0,0574 0,1429 0,1334
M-F (large) 0,0527 -0,1458 0,050 0,4316 0,3884 8633
Endowment Coeficient Selectivity Unexplained
Proportion (E/R) Proportion (C/R) Proportion (S'R) Proportion (U/R)
M-F (small) 0,601 -0,573 0,262 0,711
M-F (medium) 0,369 0,163 0,066 0,402
M-F (large) 0,136 -0,375 0,129 1,111
Table-9 OB Decomposition (Basic hourly wage)
Variables Small Medium Large
E C E C E c
Endowments Coefcients | Endowments Coefcients | Endowments Coefcients
Secondary (base category
primary education) -0,003 -0,007 -0,005 0,003 -0,005 0,001
Technical Short 0,002 -0,007 0,005 0,007 0,008 0,004
Technical Long -0,003 -0,002 -0,001 0,000 0,000 -0,002
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Higher

(Base Category Management
and High Intellectual
professionals ) High Skilled
White Collar

Low Skilled White Collar
Blue collar
Tenure

Type of job Contract

(Base Industry Manufacturing
Trade
Services

Base regional category lle de
France (11) Champagne-
Ardenne(21)

Picardie (22)

Haute-Normandie (23)
Centre (24)
Basse-Normandie (25)
Bourgogne (26)

Nord (31)

Lorraine (41)

Alsace (42)
Franche-Comte (43)
Pays de la Loire (52)
Bretagne (53)
Poitou-Charentes (54)
Aquitaine (72)
Midi-Pyrenees (73)
Limousin (74)
Rhone-Alpes (82)
Auvergne (83)
Languedoc-Roussillon (91)

Provence-Alpes-Cote d’Azur
(93)

-0,005

0,006
0,327
-0,273

0,004
0,001
-0,002

-0,008

-0,001
-0,001
-0,001
0,001
0,001
0,001
-0,003
-0,002
0,000
0,000
0,000
-0,001
0,000
0,001
0,000
-0,001
0,001
0,001
0,000

-0,001

-0,001

-0,005
-0,040
-0,002

-0,013
-0,014
0,020

0,021

0,000
0,000
-0,001
0,000
0,001
-0,001
-0,001
-0,001
0,002
0,000
0,001
0,003
0,000
0,003
0,002
0,000
0,001
0,000
0,000

0,001

-0,010

0,003
0,285
-0,223

0,009
0,002
-0,001

-0,008

-0,001
0,000
0,001
-0,002
0,000
0,001
-0,003
-0,001
0,000
0,001
0,000
0,000
-0,002
0,002
0,000
0,001
-0,001
0,000
0,001

0,000

0,002

-0,006
-0,041
0,003

-0,019
-0,043
0,011

0,037

0,000
0,002
0,002
0,002
0,001
0,007
0,003
0,003
0,009
0,002
0,006
0,004
0,001
0,006
0,004
0,002
0,009
0,001
0,001

0,006

-0,008

-0,004
0,240
-0,157

0,012
0,005
-0,004

-0,026

-0,002
-0,001
0,000
-0,001
0,001
-0,002
-0,003
-0,004
0,000
0,000
0,000
0,004
0,001
0,000
0,000
-0,001
-0,001
0,000
0,000

0,000

0,000

-0,036
-0,072
-0,002

0,004
-0,168
0,011

0,074

0,000
0,000
0,002
0,003
0,000
0,001
-0,001
-0,001
0,005
0,001
0,005
0,001
0,000
0,006
0,006
0,001
0,006
0,000
0,002

0,003
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7. Conclusion

Decomposition of wage differentials has been stlithg many authors in the context
of gender, race, ethnicity etc. But decomposingavdidferentials by employer size has not
been explored in detail. The Heckman two step edion procedures is used for identifying
parameters and later standards Oaxaca (1973) Bli(k#¥3) wage decomposition was
applied to the regression equations. The objecivas to decompose the gender wage
difference across employer size in order to comphee patterns of gender wage gap in
different size of employers. The work place segiegais considered and the effect of
differences in personal characteristics on the gengge gap is disentangled with the effect
of selection into different establishments of wonagr men. Higher rewards for females in
observable characteristics in all size categoried &igher rewards on unobservable
characteristics for male workers in all size categgo are found. that the gender wage
difference increases as size increases. Womensareiated with low paying workplaces.
There is discrimination on the part of big size tyers in preferring male workers and
paying them higher wage regardless of observabégackeristics. Males get higher wage
compare to females. But the major proportion o thfference is not explained by the model.
May be this is due to the firms’ specific behaviafsrewarding the male workers. The
intercept terms are increasing by size group meanirat the without including any
characteristics of workers and firms, the affecsiaeé on wage is positive and increasing and
higher for males. Big establishments prefer malekexs compare to females. Further work
can be done to simultaneously take into accounupattonal segregation, work-place

segregation and decompose gender wage differentials
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APPENDIX-A: Descriptive Statistics

Small Size Medium Size Large Size
Male Female Male Female Male Female
Freq. Percent| Freq. Percent Freq. Pergent Freqg.rcefte| Freq. Percent Freq. Percent
Age 25-30 1,573 16.44 1,64 20.39 837 14.01 784 518J6 1,099 9.28 791 14.51
Age 31-40 4,189 43.78 3,641 45.26 2,673 44.75 2,0117.84 5,094 43.01| 2,547 46.72
Age 41-50 3,073 32.12 2,359 29.338 1,962 32.85 1,23@9.40 4,503 38.02| 1,823 33.44
Age 51-60 733 7.66 404 5.02 501 8.39 173 4.12 1,1479.69 291 5.34
Total 9,568 100.00| 8,044 100.0( 5973 100.00 4,204 100.0m1,843 100.00f 5,452 100.00
Single 566 5.92 704 8.75 271 4.54 354 8.4p 536 4.53439 8.05
Married 8,498 88.82 6,397 79.53 5,401 90.42 3,302 8.54 10,89 91.95| 4,381  80.34
Others (widowed, divorced) 504 5.27 943 11.72 301 .045 | 548 13.04 417 3.52 632 11.59
Total 9,568 100.00| 8,044 100.0( 5973 100.00 4,204 100.0m1,843 100.00f 5,452 100.00
CDI 9,212 96.28 7,544 93.78 5,706 95.53 3,887 92.441,714 9891 | 5,272 96.70
CDD 356 3.72 500 6.22 267 4.47 317 7.54 129 1.09 0 18 3.30
Total 9,568 100.00| 8,044  100.0( 5973 100.00 4,204 100.0m1,843 100.00| 5,452 100.00
Management and High Intellectual 1,723 18.01 607 7.55 896 15.0( 247 5.88 1,885 15/9363 6.66
professionals
High Skilled White Collar 2,521 26.35 2,22 27.60 543 25.83 1,113 26.47 3,748 316 1,677 30./6
Low Skilled White Collar 872 9.11 4,281 53.27 506 .48 1,985 47.22 802 6.77 2,131  39.09
Blue collar 4,452 46.53 936 11.64 3,028 50.69 859 0.42 5,408 4566| 1,281  23.5(
Total 9,568 100.00| 8,044  100.0( 5973 100.00 4,204 100.0m1,843 100.00| 5,452 100.00
Manufacturing 3,42 35.74 1,121 13.94 2,081 34.84 4 83 19.84 8,091 68.32| 2,362 43.32
Trade 1,516 15.84 1,414 17.58 430 7.20 369 8.78 302 2.55 313 5.74
Services 4,632 48.41 5,509 68.49 3,462 57.96 3,0071.38 3,45 29.13| 2,777 50.94
Total 9,568 100.00| 8,044 100.0( 5973 100.00 4,204 100.0m1,843 100.00f 5,452 100.00
primary education 2,649 27.69 1,776 22.08 1,763 529, 1,078 25.64 2,935 2478 1508 27.66
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Secondary 1,077 11.26 1,384 17.21 674 11.28 690 4116. 1,189 10.04 827 15.17
Technical Short 3,756 39.26) 2,641 32.88 2,343  39.23,338 31.83 4,887 41.26 1,639 30.06
Technical Long 576 6.02 734 9.12 323 5.41 288 6.85 889 7.51 386 7.08

Higher 1,51 15.78 1,509 18.76 870 14.57 810 19.p7 9431 16.41 | 1,092 20.03
Total 9,568 100.00| 8,044  100.0( 5973 100.00 4,204 100.0m,843 100.00| 5,452 100.00
lle de France (11) 1,464 15.3Q 1,374 17.08 712 2119 477 11.35 2,02 17.06| 1,227 2251
Champagne-Ardenne(21) 214 2.24 156 1.94 160 2.68 791.88 321 2.71 81 1.49
Picardie (22) 294 3.07 216 2.69 238 3.98 155 3.69 874 411 178 3.26
Haute-Normandie (23) 401 4.19 280 3.44 167 2.80 158 3.76 492 4.15 232 4.26
Centre (24) 336 3.51 336 4.18 289 4.84 150 3.7 617 5.21 214 3.93
Basse-Normandie (25) 229 2.39 217 2.70 114 1.91 69 1.64 201 1.70 170 3.12
Bourgogne (26) 303 3.17 307 3.82 236 3.95 233 5.54 407 3.44 111 2.04
Nord (31) 622 6.50 426 5.30 472 7.90 262 6.2B 1,1429.64 424 7.78
Lorraine (41) 378 3.95 247 3.07 269 4.50 160 3.81 848 7.46 247 4.53
Alsace (42) 411 4.30 314 3.90 378 6.33 315 7.49 544 4.59 272 4.99
Franche-Comte (43) 228 2.38 211 2.62 127 2.13 122 .90 2| 156 1.32 72 1.32
Pays de la Loire (52) 525 5.49 435 5.41 383 6.41 2 28 6.71 642 5.42 286 5.25
Bretagne (53) 505 5.28 357 4.44 261 4.37 189 450 62 3 3.06 344 6.31
Poitou-Charentes (54) 266 2.78 240 2.98 253 424 7 11 2.78 238 2.01 182 3.34
Aquitaine (72) 563 5.88 512 6.36 314 5.26 287 6.83 562 4.75 238 4.37
Midi-Pyrenees (73) 477 4.99 412 5.12 180 3.01L 143 403 357 3.01 265 4.86
Limousin (74) 189 1.98 126 1.57 92 1.54 87 2.0¢ 200 1.69 65 1.19
Rhone-Alpes (82) 1,011 10.57 900 11.1p 778 13.03 4 52 12.46 1,319 11.14 415 7.61
Auvergne (83) 160 1.67 183 2.27 74 1.24 37 0.88 229 1.93 96 1.76
Languedoc-Roussillon (91) 236 2.47 212 2.64 62 1.04 65 1.55 142 1.20 83 1.52
Provence-Alpes-Cote d’Azur (93) 756 7.90 583 726 144 6.93 293 6.97 521 4.40 250 4.59
Total 9,568 100.00| 8,044  100.0( 5973 100.00 4,204 100.0m,843 100.00| 5,452 100.00
Other Nationality 613 6.41 316 3.93 370 6.19 136 243. 600 5.07 156 2.86
French 8,955 93.59| 7,728 96.07 5,603 93.81 4,068 .7696 11,243 94.93| 5,296 97.14
Total 9,568 100.00| 8,044 100.00 5,973 100.00 4,204 100.0m,843 100.00| 5,452 100.0D
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APPENDIX-B: Threshold Variations for Size
Wage equation estimates using the same model @ameated for three other variations of size (1/49,%50/499=2 , 500/max=3), ( 1/19 =

1, 20/299=2, 300/max=3) and ( 1/19 = 1, 20/49%&®/max=3). The inverse mills ratio is negatiue gignificant in each case. The direction
and significance level of all the variables is slagne. We find robust results by changing the tluldsialues. This means that our results does
not depend on the choice of the size categories.

Wage equation for Gross hourly wage

Small Size (1-49) Medium Size (50-499) Large size (500+)

Female | Male Female | Male Female| Male
Secondary (base category primary 0.100*** 0.054*** 0.088*** 0.097*** 0.101*** 0.067***
education)

(0.009) (0.010) (0.009) (0.009) (0.012) (0.010
Technical Short 0.066*** 0.024#* 0.065%** 0.058%** 0.066%** 0.0447*

(0.007) (0.007) (0.008) (0.006) (0.010) (0.007
Technical Long 0.111%** 0.092%** 0.1371%** 0.106%** 0.152%** 0.078**=

(0.011) (0.013) (0.012) (0.012) (0.015) (0.012
Higher 0.165%** 0.156%** 0.216%** 0.193*** 0.234#*= 0.151%**

(0.010) (0.011) (0.011) (0.010) (0.014) (0.012

(Base Category Management and High -0.441*** -0.453*** -0.406*** -0.445%+* -0.357*** - 0.456***
Intellectual professionals ) High Skilled

White Collar
(0.011) (0.008) (0.013) (0.009) (0.015) (0.009
Low Skilled White Collar -0.661*** -0.732%** -0.612* -0.705*** -0.492%** -0.666***
(0.011) (0.012) (0.013) (0.012) (0.016) (0.013
Blue collar -0.784*** -0.759*** -0.745*** -0.674%** -0.618*** -0.614***
(0.014) (0.009) (0.015) (0.009) (0.018) (0.010
Tenure 0.016*** 0.014*** 0.016*** 0.018*** 0.013*** 0.009***
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Tenure2

Type of job Contract

(Base Industry Manufacturing) Trade

Services

Baseregional category Ile de France
(11) Champagne-Ardenne(21)

Picardie (22)

Haute-Normandie (23)

Centre (24)

Basse-Normandie (25)

Bourgogne (26)

Nord (31)

Lorraine (41)

Alsace (42)

Franche-Comte (43)

(0.001)
-0.000%**
(0.000)
0.010
(0.011)
0.007
(0.019)
0.040%+
(0.013)
-0.182%x

(0.020)
-0.168*+
(0.017)
-0.141 %%
(0.015)
-0.183%+
(0.015)
-0.214%+
(0.017)
20187
(0.015)
-0.223%
(0.013)
-0.181 %
(0.016)
-0.186**
(0.014)
-0.159%+
(0.018)

(0.001)
-0.000%*
(0.000)

-0.020
(0.014)
0.114%%
(0.019)
0.061%**
(0.011)
-0.158+

(0.019)
-0.151 %+
(0.016)
-0.105+
(0.014)
-0.182%+
(0.015)

-0.173%
(0.018)
-0.200%
(0.016)

-0.197%
(0.012)

-0.132%%
(0.014)

-0.132%*
(0.014)
-0.138+
(0.019)

(0.001)
-0.000%*
(0.000)
0.003
(0.012)
-0.048%*
(0.019)
0.002
(0.012)
20111+

(0.021)
-0.123%+
(0.016)
-0.127%
(0.015)
-0.160%+
(0.016)
-0.147%
(0.023)
-0.160%
(0.016)
-0.167%*
(0.012)
-0.152%x
(0.015)
-0.103*
(0.013)
-0.210%+
(0.019)

(0.001)
-0.000%+
(0.000)
-0.047*)
(0.014)
0.093%**
(0.020)
0.085%**
(0.010)
-0.021

(0.014)
-0.091%
(0.013)
-0.068*+
(0.015)
-0.115%*
(0.013)
-0.159%+
(0.021)
-0.099*
(0.014)
-0.151 %+
(0.011)
-0.113*
(0.012)
-0.072%%
(0.012)
2724
(0.019)

(0.002)
-0000**
(0.000)
0.201%+*
(0.023)
-0.019
(0.022)
0.030*
(0.016)
-0.173%x

(0.033)
-0.072%+
(0.021)
-0.112%
(0.021)
-0.196%+
(0.018)
-0.138+
(0.018)
-0.203*
(0.022)
0.187%+
(0.015)
-0.139%+
(0.018)
-0.141%%
(0.017)
-0.169%
(0.033)

(0.001
-0.000%+
(0.000
-0.204%+
(0.026
0.179%+
(0.032
m52*~k~k
(0.015
-0.108%**

(0.024
-0.003
(0.014
0.037%+
(0.014
-0.056*+
(0.012
-0.039*
(0.018
-0.067*+
(0.015
-0.140%+
(0.010
-0.050%+
(0.012
0.028**
(0.012
-0.084%
(0.022
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Pays de la Loire (52)
Bretagne (53)
Poitou-Charentes (54)
Aquitaine (72)
Midi-Pyrenees (73)
Limousin (74)
Rhone-Alpes (82)
Auvergne (83)
Languedoc-Roussillon (91)
Provence-Alpes-Cote d’Azur (93)
lambda

Constant

Rho

Sigma

Observations

R-squared
Adj. R-squared

-0.189*+
(0.013)
-0.224%+
(0.014)

-0.199*+
(0.016)

-0.194%*
(0.012)
-0.200%+
(0.013)

-0.181%+
(0.022)
-0.151%+
(0.011)
-0.218*+
(0.019)

-0.193%+
(0.018)

-0.107*+
(0.012)

-0.098*+
(0.022)
4.441%%
(0.034)
-0,431

22729
8,044
0.59
0.59

-0.167++
(0.013)
-0.155*+
(0.014)
-0.191%+
(0.017)
-0.164%+
(0.013)
-0.174%+
(0.014)
-0.230%+
(0.020)
-0.142%+
(0.010)
-0.238*+
(0.021)
-0.142%+
(0.018)
-0.080**
(0.012)
-0.168*+
(0.020)
4.559%*
(0.032)
-0,682
24631
9,568
0.67
0.67

-0.166*+
(0.013)
-0.169**
(0.014)
-0.079**
(0.018)
-0.143%+
(0.013)
-0.188*+
(0.015)
-0.221%+
(0.020)
-0.123%+
(0.012)
-0.170%*
(0.026)
-0.86+*
(0.024)
-0.092%+
(0.013)
-0.029*
(0.015)
4.516%
(0.022)
-0,139
20845
6,293
0.62
0.62

-0.164%+
(0.013)
-0.130%
(0.014)
-0.120%+
(0.015)
-0.066+
(0.014)
_(Dgz***
(0.018)
-0.132%
(0.020)
_0.8 *kk
(0.010)
-0.098*
(0.020)
-0.068*
(0.028)
-0.058*+
(0.013)
-0.131%+
(0.015)
4.664%%
(0.020)
-0,569
23018
9,415
0.64
0.64

-0.178%+
(0.016)
-0.151%+
(0.015)
-0.097*+
(0.019)
-0.108**
(0.020)
-0.104%+
(0.018)
-0.232%+
(0.048)
-0.079*+
(0.017)
-0.040
(0.027)
-0.153%+
(0.028)
-0.029
(0.021)
-0.088*
(0.027)
4.683%
(0.045)
-0,455
19337
3,363
0.63
0.63

-0.030*
(0.012
-0.037*
(0.020
0.022
(0.018
0.058%**
(0.012
-0.015
(0.014
-0.128%+
(0.021
0.006
(0.009
-0.097*+
(0.019
0.006
(0.021
0.081%*
(0.014
-0.321%*
(0.029
5,21 7%
(0.045
-1,480
2167
8,40
0.62
0.62
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Second Variation

Small Size (1-19) M edium Size (20-299) Large size (300+)
Female Male Female ‘ Male Female‘ Male
Secondary (base category primary 0.107*** 0.032** 0.096*** 0.080*** 0.104*** 0.079***
education)
(0.013) (0.016) (0.008) (0.008) (0.010) (0.009
Technical Short 0.063*** 0.008 0.065*+* 0.046*** 073** 0.058***
(0.012) (0.010) (0.007) (0.006) (0.008) (0.006
Technical Long 0.116%** 0.075*** 0.121 % 0.090*** 0.150%** 0.099***
(0.015) (0.020) (0.010) (0.011) (0.013) (0.010
Higher 0.177** 0.143** 0.181 %+ 0.173%* 0.251 %+ 0.169*+*
(0.014) (0.016) (0.009) (0.009) (0.011) (0.010
(Base Category Management and Highl -0.396*** -0.437*** -0.450%** -0.448*** -0.349%** - 0.453***
Intellectual professionals ) High Skilled
White Collar
(0.016) (0.013) (0.010) (0.007) (0.013) (0.008
Low Skilled White Collar -0.606*** -0.717%** -0.6 71+ -0.726*** -0.501*** -0.662***
(0.016) (0.018) (0.0112) (0.010) (0.013) (0.011
Blue collar -0.720*** -0.749%** -0.802*** -0.720%*** -0.638*** -0.619%**
(0.021) (0.014) (0.013) (0.008) (0.015) (0.008
Tenure 0.017*** 0.015** 0.016*** 0.016*** 0.015*** 0.011***
(0.002) (0.002) (0.001) (0.001) (0.001) (0.001
Tenure2 -0.000*** -0.000*** -0.000*** -0.000*** -0000*** -0.000***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000
Type of job Contract 0.008 -0.031 0.013 -0.017 68:0* -0.199***
(0.016) (0.021) (0.010) (0.011) (0.018) (0.022
(Base Industry Manufacturing) Trade 0.027 0.138*** -0.034** 0.077** -0.053*** 0.137***
(0.027) (0.026) (0.017) (0.015) (0.019) (0.021
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Services

Baseregional category Ile de France
(11) Champagne-Ardenne(21)

Picardie (22)

Haute-Normandie (23)

Centre (24)

Basse-Normandie (25)

Bourgogne (26)

Nord (31)

Lorraine (41)

Alsace (42)

Franche-Comte (43)

Pays de la Loire (52)

Bretagne (53)

Poitou-Charentes (54)

Aquitaine (72)

0.042%*
(0.017)
-0.183%*

(0.028)
-0.164%+
(0.026)
-0.172%+
(0.026)
-0.183**
(0.021)
-0.209**
(0.022)
-0.206%+
(0.022)
-0.280*+
(0.019)
-0.201%+
(0.023)
-0.174%+
(0.023)
-0.177%+
(0.027)
-0.191%+
(0.018)
-0.219%+
(0.019)
-0.242%*
(0.025)
-0.231%+

0.068***
(0.016)
-0.250**

(0.027)
-0.165**
(0.026)
-0.168**
(0.025)
-0.199**
(0.022)

-0.156%+
(0.025)
-0.222%+
(0.026)

-0.232%+
(0.020)
-0.155%+
(0.025)
-0.195%+
(0.024)
-0.212%+
(0.032)
-0.186**
(0.018)
-0.174%+
(0.020)
-0.213%+
(0.027)
-0.202%+

0.015
(0.010)
-0.153%+

(0.018)
-0.159%
(0.014)
-0.140%
(0.013)
-0.189%*
(0.014)
-0.199%*
(0.019)
-0.170%*
(0.013)
-0.188%**
(0.011)
-0.172%*
(0.014)
-0.141 %
(0.011)
-0.196%**
(0.016)
-0.185%**
(0.012)
-0.224%%
(0.013)
-0.167%
(0.015)
-0.162%*

0.060%**
(0.009)
-0.110%+

(0.015)
-0.138%
(0.012)
-0.099%**
(0.012)
-0.166%
(0.013)
-0.179%*
(0.017)
-0.170*
(0.013)
-0.196%**
(0.010)
-0.149%*
(0.012)
-0.095%+*
(0.011)
Q73
(0.015)
-0.160%**
(0.011)
-0.161*
(0.012)
-0.137%*
(0.013)
-0.132

-0.010
(0.012)
-0.175%+

(0.024)
-0.065%**
(0.018)
-0.141 %
(0.016)
-0.175%*
(0.015)
-0.105%**
(0.017)
-0.170%
(0.020)
0.173%
(0.013)
-0.139%*
(0.015)
-0.133%*
(0.014)
-0.153%
(0.028)
-0.151%*
(0.014)
-0.122%*
(0.013)
-0.056%**
(0.016)
-0.115%

(24***
(0.010
- 0.075*+

(0.014
-0.058**
(0.012
-0.033*+
(0.012
-0.103*+
(0.011
-0.039*
(0.017
-0.096*+
(0.013
-0.153%*
(0.010
-0.104**
(0.011
-0.024*
(0.011
-0.123%+
(0.019
-0.068**
(0.011
-0.094**
(0.014
-0.001
(0.016
0.023*
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Third Variation

(0.018) (0.020) (0.011) (0.011) (0.016) (0.011
Midi-Pyrenees (73) -0.216%** -0.205*** -0.174**= -(L20*** -0.172%*= -0.045%*=*
(0.018) (0.020) (0.014) (0.013) (0.015) (0.013
Limousin (74) -0.185*** -0.255%** -0.231*** -0.248*= -0.224*** -0.164**=*
(0.035) (0.035) (0.018) (0.017) (0.026) (0.017
Rhone-Alpes (82) -0.162%*=* -0.150*** -0.140*** -0.18%** -0.109*** -0.020**
(0.015) (0.015) (0.010) (0.009) (0.013) (0.008
Auvergne (83) -0.261**=* -0.297*** -0.178*** -0.197* -0.087*** -0.135%**
(0.027) (0.035) (0.020) (0.018) (0.023) (0.017
Languedoc-Roussillon (91) -0.200*** -0.099%** -0.86* -0.152%** -0.143%** 0.011
(0.024) (0.025) (0.019) (0.020) (0.028) (0.020
Provence-Alpes-Cote d’Azur (93) -0.137%** -0.070**%  -0.094*** -0.075*** -0.072*** 0.043***
(0.017) (0.017) (0.011) (0.011) (0.016) (0.012
lambda -0.083*** -0.188*** -0.065*** -0.133*** -0.28 -0.294%***
(0.028) (0.027) (0.016) (0.014) (0.024) (0.023
Constant 4.362%** 4.459%** 4.548%** 4.652%* 4.564* 5.138***
(0.058) (0.055) (0.019) (0.018) (0.035) (0.035
Rho -0,358 -0,736 -0,301 -0,564 -0,142 -1,349
Sigma .23149 .25531 .21592 .23559 .19687 2179
Observations 3,991 4,197 8,856 12,206 4,853 10,98
R-squared 0.57 0.66 0.62 0.66 0.64 0.62
Adj. R-squared 0.56 0.66 0.61 0.66 0.64 0.62
Small Size (1-19) Medium Size (20-499) Large size (500+)
Female Male Female | Male Female| Male
Secondary (base category primary | 0.105%** 0.029* 0.094*** 0.085*** 0.103*** 0.066***
education)

(o2}
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Technical Short

Technical Long

Higher

(Base Category Management and H
Intellectual professionals ) High
Skilled White Collar

Low Skilled White Collar

Blue collar

Tenure

Tenure2

Type of job Contract

(Base Industry M anufacturing)
Trade

Services

Baseregional category Ile de France
(11) Champagne-Ardenne(21)

Picardie (22)

(0.012)
0.063%*
(0.011)
0.113%**
(0.015)
0.175%**
(0.014)
gh0.396*+

(0.016)
-0.607*+
(0.016)
-0.718%+
(0.021)
0.01 7%+
(0.002)
-0.000%*
(0.000)
0.008
(0.016)
0.024

(0.027)
0.043*

(0.018)
-0.180*+

(0.028)
-0.166*+
(0.026)

(0.016)
0.004
(0.010)
0.071%*
(0.020)
0.135%+*
(0.017)
-0.439%+

(0.013)
-0.723%
(0.018)
-0.749%
(0.014)
0.015%**
(0.002)
-0.000%*
(0.000)

-0.031
(0.021)
0.164%+

(0.030)

0.085***

(0.018)
-0.199*+

(0.028)
-0.154%+
(0.026)

(0.007)
0.068%**
(0.006)
0.122%%
(0.010)
0.188%**
(0.008)
-0.439%+

(0.010)
-0.658*
(0.010)
-0.789%
(0.012)
0.016%*
(0.001)
-0.000%+
(0.000)
0.009
(0.009)
-0.036*

(0.016)

0.017*

(0.010)
-0.142%+

(0.017)
-0.141 %
(0.013)

(0.008)
0.049%+*
(0.005)
0.100%**
(0.010)
0.177%%
(0.009)
-0.452%*

(0.007)
-0.718%*
(0.009)
-0.703%+
(0.007)
0.01 7%+
(0.001)
-0.000%+
(0.000)
-0.031*}
(0.011)
0.085%**

(0.016)

0.078%*

(0.009)
-0.029*

(0.013)
-0.117%

(0.011)

(0.012)
066***
(0.010)
0.152%+*
(0.015)
0.234%%*
(0.014)
-0.354%

(0.015)
-0.490%+
(0.016)
-0.616%*
(0.018)
0.013%**
(0.002)
-0000**
(0.000)
*0.301%
(0.023)
-0.014

(0.023)
0.031*

(0.016)
-0.167++

(0.033)
-0.070%+
(0.021)

(0.010
0.043%**
(0.007
0.075%+
(0.012
0.148%**
(0.012
- 0.451%

(0.009
-0.662%+
(0.013
-0.609*+
(0.010
0.009%**
(0.001
-0.000%+
(0.000
-0.206*+
(0.026
0.175%**

(0.032
m50***

(0.015
-0.076%*

(0.025
-0.002
(0.014
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Haute-Normandie (23)

Centre (24)

Basse-Normandie (25)

Bourgogne (26)

Nord (31)

Lorraine (41)

Alsace (42)

Franche-Comte (43)

Pays de la Loire (52)

Bretagne (53)

Poitou-Charentes (54)

Aquitaine (72)

Midi-Pyrenees (73)

Limousin (74)

Rhone-Alpes (82)

-0.168*+
(0.026)
-0.182%+
(0.021)

-0.210%+
(0.022)
-0.209*+
(0.022)

-0.276%++
(0.019)
-0.197%*
(0.023)
-0.172%+
(0.023)

-0.179%+
(0.027)

-0.191%+
(0.018)
-0.217%+
(0.019)

-0.240%+
(0.025)

-0.231%*
(0.018)
-0.211%+
(0.018)

-0.175%++
(0.035)
-0.161%+
(0.015)

-0.164%+
(0.026)
-0.173%+
(0.022)

-0.150%+
(0.025)
-0.208*+
(0.026)

-0.228*+
(0.020)
-0.135%+
(0.025)
-0.191%+
(0.024)
-0.210%+
(0.032)
-0.179%+
(0.019)
-0.156%+
(0.021)
-0.219%+
(0.027)
-0.200%+
(0.020)
-0.212%+
(0.020)
-0.235%+
(0.035)
-0.149%+
(0.015)

-0.134%+
(0.012)
-0.173%+
(0.013)
-0.172%+
(0.018)
-0.166**
(0.012)
-0.169**
(0.010)
-0.158*+
(0.012)
-0.133**
(0.011)
-0.186*+
(0.015)
-0.173%+
(0.011)
-0.191%*
(0.012)
-0.128*+
(0.014)
-0.149%+
(0.011)
-0.181%+
(0.013)
-0.206**
(0.016)
-0.131%+
(0.009)

-0.102%*
(0.011)
-0.132%*
(0.011)
-0.177%
(0.016)
-0.138*
(0.011)
-0.174%%
(0.009)
-0.128%*
(0.010)
-0.094%+*
(0.010)
Q728+
(0.014)
-0.160%*
(0.010)
-0.142%
(0.011)
-0.143%%
(0.012)
-0.115*
(0.010)
_(]_34***
(0.012)
-0.204**
(0.015)
_0.12***
(0.008)

-0.113%+
(0.021)
-0.201%+
(0.018)
-0.137%+
(0.018)
-0.201%*
(0.022)
-0.189%*
(0.015)
-0.138*+
(0.018)
-0.140%+
(0.017)
-0.163%+
(0.033)
-0.176%+
(0.016)
-0.148%+
(0.015)
-0.104%+
(0.019)
-0.107**
(0.020)
-0.100**
(0.019)
-0.233%+
(0.048)
-0.081%+
(0.016)

0.006
(0.014
-0.042%+
(0.013
-0.027
(0.018
-0.072%+
(0.015
-0.154%+
(0.010
-0.067*+
(0.012
0.016
(0.012
-0.104**
(0.022
-0.022*
(0.012
-0.041%
(0.020
0.024
(0.018
0.039%**
(0.012
-0.044%*
(0.014
-0.155%+
(0.021
-0.003
(0.009
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Auvergne (83)
Languedoc-Roussillon (91)
Provence-Alpes-Cote d’Azur (93)
lambda

Constant

Rho

Sigma

Observations

R-squared
Adj. R-squared

-0.261%+
(0.027)
-0.204%+
(0.024)
-0.135*+*
(0.017)
-0.078*+
(0.028)
4.369%
(0.060)
-0,337
23153
3,991
0.57
0.56

20277+
(0.036)
-0.101%+
(0.025)
-0.073**
(0.017)
-0.206%+
(0.030)
4.418%*
(0.061)
-0,807
25536
4,197
0.66
0.66

-0.177%+
(0.018)
-0.36+*
(0.018)
-0.085*+
(0.010)
-0.067*+
(0.016)
4.535%%
(0.018)
-0,312
21451
10,346
0.62
0.62

-0.162%
(0.016)
-0.142%+
(0.019)
-0.078*+
(0.010)
-0.152%+
(0.015)
4.653%
(0.016)
-0,647
23488
14,78¢
0.65
0.65

-0.043
(0.027)
-0.149%+
(0.028)
-0.030
(0.021)
-0.@3%
(0.029)
4.686%
(0.046)
-0,481
19336
3,363
0.63
0.63

-0.114%+
(0.020
0.007
(0.021
0.068%**
(0.013
-0.317%+
(0.030
5.218%*
(0.046
-1,462
2169
8,40
0.62
0.62

(o]
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APPENDIX-C: Gender Wage Decomposition by Profession across employer Size

Here we present the gender wage decompositionsaemployer size by taking each profession as neéerand we preformed the similar estimations.

Results are presented below for each professicaratety:

Profession-1 Management and High Intellectual professionals

Endowments Coefficients Selectivity Intercepts | Totlal n_ef[ of
() ©) S) L) Total (R) selectivity
(RS)
M-F (small) -0,0204 -0,0666 0,0372 0,1311 0,0813 0,0441
M-F (medium) -0,0087 -0,5739 -0,0565 0,5945 -0,0446 0,0120
M-F (large) -0,0236 -0,2368 0,0901 0,6299 0,4595 3695
Endowment Coeficient  Selectivity Unexplained
Proportion Proportion  Proportion  Proportion
(E/R) (CIR) (S/R) (U/R)
M-F (small) -0,251 -0,819 0,458 1,613
M-F (medium) 0,195 12,874 1,268 -13,337
M-F (large) -0,051 -0,515 0,196 1,371
Profession-2 High Skilled White Collar
Endowments Coefficients Selectivity Intercepts | Totlal net of
(E) ©) (S) L) Total (R) selectivity
(RS)
M-F (small) -0,0381 -0,0244 0,0443 0,0174 -0,0008 0,0451
M-F (medium) -0,0412 0,1361 0,0157 0,0121 0,1227 1010
M-F (large) -0,1023 -0,0314 0,1361 0,4256 0,4279 2909
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Endowment Coeficient  Selectivity Unexplained
Proportion  Proportion  Proportion  Proportion
(E/R) (CIR) (S/R) (U/R)
M-F (small) 47,503 30,378 -55,240 -21,641
M-F (medium) -0,335 1,109 0,128 0,098
M-F (large) -0,239 -0,073 0,318 0,995
Profession-3 Low Skilled White Collar
Endowments Coefficients Selectivity  Intercepts Total net of
Total (R) selectivity
(B) ©) (S) (V) (RS)
M-F (small) -0,0114 0,0790 -0,0069 0,1213 0,1820 1889
M-F (medium) 0,0168 0,2783 0,0002 -0,1471 0,1480 1419
M-F (large) 0,0395 0,0152 0,0028 0,2436 0,3011 &29
Endowment Coeficient Selectivity Unexplained
Proportion  Proportion  Proportion  Proportion
(E/R) (CIR) (S/R) (U/R)
M-F (small) -0,063 0,434 -0,038 0,666
M-F (medium) 0,113 1,880 0,001 -0,994
M-F (large) 0,131 0,051 0,009 0,809
Profession-4 Blue collar
Endowments Coefficients Selectivity Intercepts Total net of
Total (R) selectivity
(B) (© (S) (L) (RS)
M-F (small) 0,0335 -0,0124 0,0015 0,1415 0,1641 6251
M-F (medium) 0,0714 0,0311 -0,0132 0,1754 0,2646 27
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M-F (large)

0,0780 -0,1200 -0,0055 0,5664 0,5190 52485
Endowment Coeficient  Selectivity Unexplained
Proportion  Proportion  Proportion  Proportion
(E/R) (C/R) (S/IR) (U/R)
M-F (small) 0,204 -0,076 0,010 0,862
M-F (medium) 0,270 0,118 -0,050 0,663
M-F (large) 0,150 -0,231 -0,011 1,091
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